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A B S T R A C T

Since the development of the best–worst method (BWM) in 2015, it has become a popular research focus in
multi-criteria decision-making. The original optimization problem of the BWM is a nonlinear min–max model
that can lead to multiple optimal solutions, while the linear model of the BWM produces a unique solution.
The two models need to be solved by optimization software packages. In addition, although the linear model
of the BWM can obtain a unique solution, it produces different feasible regions than the nonlinear model
of the BWM, and it changes the objective function. This study aims to solve the nonlinear model of the
BWM mathematically to obtain the analytical forms of the optimal solutions. First, we transform the original
nonlinear model of BWM into an equivalent optimization model driven by the optimally modified comparison
vectors. The equivalent BWM provides a solid basis for computing the analytical solutions. Second, for not-fully
consistent pairwise comparison systems, we strictly prove that there is only one unique optimal solution with
three criteria, and there might be multiple optimal solutions with more than three criteria. We further develop
the analytical forms of these unique and multiple optimal solutions and the optimal interval weights. Third,
we develop a secondary objective function to select a unique solution for the BWM. The secondary objective
function retains all the characteristics of the original nonlinear model of the BWM, and we find the unique
solution analytically. Finally, some numerical examples are examined, and a comparative analysis is performed
to demonstrate the effectiveness of our analytical solution approach.
1. Introduction

Multi-criteria decision-making (MCDM) is a significant branch of
operations research and management science that supports decision-
makers (DMs) in resolving problems involving multiple conflicting and
incommensurable criteria. An essential part of MCDM is determin-
ing the weights of criteria or the priority of alternatives regarding
a criterion when the values of alternatives on this criterion are not
available [1–3]. The weighting methods usually involve assigning the
rating/importance of the criteria directly by the DM (e.g., SMARTS
(Simple Multi-Attribute Rating Technique using Swings) [4,5] and
DRM (Direct Rating Method) [6]), or making comparisons between
pairs of the criteria by the DM (e.g., AHP (Analytical Hierarchy Pro-
cess) [7], RANCOM (RANking COMparison) [8], and BWM (Best–Worst
Method) [9]). The comparison-based weighting methods elicit the cri-
teria weights based on the comparisons made between different pairs of
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j.rezaei@tudelft.nl (J. Rezaei).

the criteria following the DM’s preferences. Among them, the AHP has
been the most popular method for MCDM in the past 40 years and has
been widely studied in the operations research literature and applied
to solve many real-world problems [10–12]. As a pairwise comparison
method, the AHP makes a comparison between every pair of criteria or
alternatives using a scale of 1 (equally preferred) to 9 (absolutely pre-
ferred), and 𝑛(𝑛 − 1)∕2 pairwise comparisons are collected to construct
the preference relations and derive the weights (or priority) of 𝑛 criteria
(or alternatives). However, as the number of alternatives or criteria
increases, the number of comparisons increases substantially. Dealing
with such redundant comparison information is time-consuming and
will lead to inconsistent judgments.

Rezaei [9] argued that the leading cause of inconsistencies in the
AHP is the unstructured pairwise comparison procedure. To overcome
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this problem and some others, Rezaei [9] proposed a recently popu-
lar and well-founded MCDM method, the best–worst method (BWM).
The BWM conducts structured comparisons based on two comparison
vectors: the preference for the best criterion (e.g., the most important)
over all the other criteria and the preference for all the criteria over
the worst criterion (e.g., the least important). The weights of the
criteria are obtained by solving a nonlinear min–max model (also
known as the nonlinear BWM). Compared to similar MCDM methods,
the BWM provides several advantages [13]: (i) compared to AHP
that involves 𝑛(𝑛 − 1)∕2 pairwise comparisons, the BWM is based on
2𝑛 − 3 pairwise comparisons. The fewer number of pairwise com-
parisons not only simplifies the comparison process but also yields
more consistent preference information; (ii) compared to other pairwise
comparison methods, by identifying the Best and the Worst criteria
before conducting pairwise comparisons, the DM already has a clear
understanding of the range of evaluation, leading to more reliable
pairwise comparisons; and (iii) compared to other similar MCDM meth-
ods, including two opposite references (Best and Worst), the BWM can
mitigate several cognitive biases including anchoring bias [14] and
equalizing bias [15]. Although BWM is more data efficient compared
to some similar methods (e.g., AHP), it is less data efficient compared
to methods such as SMART and DRM. However, in methods with 𝑛− 1
ata points (e.g., SMART, Tradeoff, and DRM), we are unable to check
he consistency of the provided data by the DMs [16,17]. Due to the
fficiency of the BWM in reducing the number of pairwise comparisons
nd its satisfactory performance in maintaining consistency between
udgments, it has attracted the attention of many scholars, and many
tudies related to the BWM have been published over the past several
ears [18–22].

Current studies on the BWM mainly concern theory or application.
n terms of application, research has concentrated on the stand-alone
WM [23–25], combinations of the BWM and other decision-making
ethods [26–28], and their corresponding applications. The BWM has

een shown to be effective in various real-world applications, such
s urban environment [29], supply chain management [30], agricul-
ure [31], risk assessment [32], and others [33–35]. As this paper does
ot aim to extend the BWM into application areas, we do not review
pplication studies in detail. Theoretically, most existing studies focus
n improving the nonlinear BWM or extending the BWM into uncertain
valuation environments. Rezaei [36] found that the nonlinear BWM
ight result in multiple optimal solutions. He proposed two models to

ompute the ranges of the criteria weights and employed interval anal-
sis to rank the criteria. He also proposed a linear BWM model based on
he same philosophy as the BWM to find a unique solution. Brunelli and
ezaei [37] developed a multiplicative BWM. The multiplicative BWM

eads to a linear optimization problem. Liang et al. [20] dealt with some
onsistency issues in the BWM. They proposed input-based cardinal and
rdinal consistency measurements to check a decision maker’s (DM’s)
onsistency level during the preference elicitation process and then
stablished thresholds for the consistency ratios used in the BWM. Liang
t al. [38] incorporated the criteria interactions in MCDM using the
hoquet integral and developed a nonadditive BWM that considers
ossible interactions between the criteria. Two main kinds of uncertain
echniques combined with the BWM are fuzzy [39–41] and interval
alues [42–46].

As a nonlinear min–max model, the BWM [9] can yield either
unique optimal solution or multiple optimal solutions, determined

y the criteria number and consistency of the pairwise comparison
ystem [18]. Rezaei [36] explained the reason for unique optimality
nd multi-optimality using linear algebra. He concluded that there
s only a unique optimal solution for not-fully consistent problems
ith three criteria, and there might be multiple optimal solutions for
ot-fully consistent problems with more than three criteria. Multiple
ptimal solutions can offer DMs more flexibility in assigning criteria
eights, and a unique optimal solution gives a precise and determin-
2

stic result, so both have desirable features in guiding DMs to make
decisions in specific situations. Rezaei [36] presented two ways to
address this issue: one is based on interval analysis, and the other is
to use the developed linear BWM. Both methods work well for multi-
optimality concerning the nonlinear BWM, and they are also the most
commonly-used approaches.

Although many application studies use the BWM, theoretical re-
search related to the BWM is still relatively rare, and some theoretical
conclusions have not been proven scrupulously from a mathematical
perspective. Tu et al. [47] noted that the BWM is a non-convex op-
timization model, and it is quite challenging for it to achieve optimal
results. A state-of-the-art survey on the BWM [18] also stated that other
possible techniques for analyzing the multi-optimality of the nonlinear
BWM are interesting and challenging. The following valuable research
issues can be studied to improve the simplicity and suitability of the
nonlinear BWM in the form of analytical solutions.

• There is a lack of rigorous proofs and analytical approaches con-
cerning unique and multiple optimal solutions for the nonlinear
BWM. It is important to analyze the characteristics of the optimal
solutions of the nonlinear BWM and derive analytical solutions
from a mathematical perspective.

• Interval analysis for the case of multiple optimal solutions con-
structs a series of programming models to determine the ranges
of different criteria weights. It would be more convenient and
mathematically sound to give the analytical forms of the lower
and upper bounds of the criteria weights.

• Although the linear BWM can derive a unique optimal solution
for the criteria weights, its feasible region is different than that
of the nonlinear BWM. It is necessary to establish a secondary
objective function that keeps the features of the nonlinear BWM
and produces unique optimal criteria weights that can be solved
analytically.

Therefore, this study presents an equivalent BWM, provides some
analytical forms of the optimal solutions of the nonlinear BWM, and
constructs a secondary objective function to derive a unique optimal
solution for the BWM. In summary, the main contributions of this study
are as follows:

• We transform the initial nonlinear BWM model into an equivalent
BWM model driven by the optimally modified comparison vec-
tors. The equivalent BWM not only maintains the properties of the
solutions in the nonlinear BWM but also has fewer nonlinear con-
straints and more equality constraints, which can help identify the
potentially most inconsistent criteria, determine the adjustment
direction and obtain the analytical solution of the model.

• The unique and multiple optimal solutions of the nonlinear BWM
with different numbers of criteria and their analytical forms
are proven. The analytical forms of the optimal solutions in-
clude the optimal objective function value, feasible optimal mod-
ified comparison vectors, and optimal intervals of the criteria
weights. These results yield more convenient and effective solu-
tion methods for the nonlinear programming without using opti-
mization software and offer a good reference value for modifying
inconsistent comparison vectors.

• To derive a unique optimal solution for the BWM from multiple
optimal solutions, we construct a secondary objective function
that minimizes the maximum modified deviation of each criterion
under the condition that the feasible region is the same as that
of the nonlinear BWM. We also prove that its optimal solution
is unique and can be solved analytically. The secondary objective
function retains all the features of the nonlinear BWM and reduces
the adjustment amplitude of the original comparison vectors,
leading to a satisfactory unique optimal solution.

The remainder of the paper is organized as follows. Section 2 briefly

reviews the nonlinear BWM, the interval analysis for the nonlinear
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BWM, and the linear BWM. Section 3 proposes an analytical framework
for the BWM. Section 4 gives some numerical examples and conducts a
comparative analysis to demonstrate the effectiveness of our approach.
Finally, Section 5 concludes the study.

2. Best–worst method

In this section, we briefly review the nonlinear BWM, the inter-
val analysis for the nonlinear BWM, and the linear model of the
BWM. Then, we summarize these three BWM models, analyze their
characteristics and indicate the research topics in this paper.

2.1. Nonlinear best–worst method

BWM is a pairwise comparison-based weighting method developed
by Rezaei [9], which requires the DM to make pairwise comparisons
between the two reference points best and worst and the other criteria
to derive the weights using a min–max optimization model. The steps
of the BWM are as follows:

Step 1: Determine the decision criteria for the MCDM problem by
the DM.

Step 2: Identify the best (e.g. the most important or the most
desirable) criterion 𝑐𝐵 and the worst (e.g. the least important or the
least desirable) criterion 𝑐𝑊 by the DM.

Step 3: Determine the preference values 𝑎𝐵𝑗 (𝑗 = 1,… , 𝑛) of the best
criterion 𝑐𝐵 over all the other criteria 𝑐𝑗 (𝑗 = 1, 2,… , 𝑛) by a number
from {1, 2,… , 9} by the DM. Then, obtain the best-to-others (BO) vector
as follows:

𝐴𝐵 = (𝑎𝐵1, 𝑎𝐵2,… , 𝑎𝐵𝑛). (1)

Step 4: Express the preference values 𝑎𝑗𝑊 (𝑗 = 1, 2..., 𝑛) between all
the criteria 𝑐𝑗 (𝑗 = 1, 2,… , 𝑛) and the worst criterion 𝑐𝑊 by the DM. The
comparison results are represented as the others-to-worst (OW) vector:

𝐴𝑊 = (𝑎1𝑊 , 𝑎2𝑊 ,… , 𝑎𝑛𝑊 )𝑇 . (2)

Step 5: Calculate the optimal criteria weights 𝑤∗ = (𝑤∗
1 , 𝑤

∗
2 ,… , 𝑤∗

𝑛)
by using the following min–max optimization model:

minmax
𝑗

{

|

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

|

,
|

|

|

|

𝑤𝑗

𝑤𝑊
− 𝑎𝑗𝑊

|

|

|

|

}

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(3)

here 𝑤𝐵 , 𝑤𝑗 , and 𝑤𝑊 are the weights of criterion 𝑐𝐵 , criterion 𝑐𝑗 , and
riterion 𝑐𝑊 , respectively.

The optimization model (3) aims to minimize the maximum abso-
ute differences

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

and
|

|

|

|

𝑤𝑗
𝑤𝑊

− 𝑎𝑗𝑊
|

|

|

|

for all criteria 𝑗, and it is
based on the condition that the optimal weights should satisfy 𝑤𝐵∕𝑤𝑗 =
𝑎𝐵𝑗 and 𝑤𝑗∕𝑤𝑊 = 𝑎𝑗𝑊 if all the comparisons are consistent. To better
solve the above optimization model, model (3) can be transformed into
the following programming model:

min 𝜉

𝑠.𝑡.

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

|

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

|

⩽ 𝜉, ∀𝑗,

|

|

|

|

𝑤𝑗

𝑤𝑊
− 𝑎𝑗𝑊

|

|

|

|

⩽ 𝜉, ∀𝑗,

𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(4)

For a given sufficiently large 𝜉, the solution space of model (4) must
e non-empty. By solving model (4), one can derive the optimal criteria
eights (𝑤∗ ∗ ∗ 𝑇 ∗
3

1 , 𝑤2 ,… , 𝑤𝑛) and the optimal 𝜉 value.
For a fully consistent problem, we have a nonhomogeneous linear
system with 𝑛 weight variables and 𝑛 constraints, so we have a unique
optimal solution. It is also obvious based on the relation chains in the
consistency definition, 𝑎𝐵𝑗 × 𝑎𝑗𝑊 = 𝑎𝐵𝑊 , that a problem with two
criteria (𝑛 = 2) is always consistent, hence, has a unique solution.
or not-fully consistent pairwise comparisons with three criteria, one
an always obtain a unique solution, while for not-fully consistent
roblems with more than three criteria, model (4) might result in
ultiple optimal solutions [36].

.2. Interval analysis of the BWM

Regarding multi-optimal solutions to model (4), Rezaei [36] utilized
nterval analysis to determine the ranges of the weights of different
riteria. Specifically, Rezaei [36] proposed the following two program-
ing models to compute the lower and upper bounds of the weight of

riterion 𝑐𝑗 (𝑗 = 1, 2,… , 𝑛)

min 𝑤𝑗

𝑠.𝑡.

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

|

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

|

⩽ 𝜉∗, ∀𝑗,

|

|

|

|

𝑤𝑗

𝑤𝑊
− 𝑎𝑗𝑊

|

|

|

|

⩽ 𝜉∗, ∀𝑗,

𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(5)

max 𝑤𝑗

𝑠.𝑡.

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

|

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

|

⩽ 𝜉∗, ∀𝑗,

|

|

|

|

𝑤𝑗

𝑤𝑊
− 𝑎𝑗𝑊

|

|

|

|

⩽ 𝜉∗, ∀𝑗,

𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(6)

where 𝜉∗ is the optimal objective function value of model (4).
By solving models (5) and (6) for all criteria, one can determine the

optimal criteria weights as intervals. Then, one can apply the matrix
of the preference degree and the preference matrix to rank the interval
weights of the criteria.

2.3. A linear model of the BWM

Although multi-optimality can be desirable in some decision-making
problems, in other cases, DMs may prefer to have a unique solution.
Instead of minimizing the maximum value in the set

{

|

|

|

|

𝑤𝐵
𝑤𝑗

− 𝑎𝐵𝑗
|

|

|

|

,

|

|

|

|

𝑤𝑗
𝑤𝑊

− 𝑎𝑗𝑊
|

|

|

|

}

, Rezaei [36] minimized the maximum value in set
|

|

|

𝑤𝐵 − 𝑎𝐵𝑗𝑤𝑗
|

|

|

, ||
|

𝑤𝑗 − 𝑎𝑗𝑊 𝑤𝑊
|

|

|

}

and formulated the following program-
ming model:

minmax
𝑗

{

|

|

|

𝑤𝐵 − 𝑎𝐵𝑗𝑤𝑗
|

|

|

, ||
|

𝑤𝑗 − 𝑎𝑗𝑊 𝑤𝑊
|

|

|

}

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(7)

The optimization model (7) aims to minimize the maximum abso-
lute differences |

|

|

𝑤𝐵 − 𝑎𝐵𝑗𝑤𝑗
|

|

|

and |

|

|

𝑤𝑗 − 𝑎𝑗𝑊 𝑤𝑊
|

|

|

for all the criteria 𝑗,
and it is based on the condition that the optimal weights should satisfy

𝑤𝐵 = 𝑎𝐵𝑗 ×𝑤𝑗 and 𝑤𝑗 = 𝑎𝑗𝑊 ×𝑤𝑊 if all the comparisons are consistent.
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To better solve optimization model (7), one can transform it into the
following linear programming (LP) problem:

min 𝜉𝐿

𝑠.𝑡.

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

|

|

|

𝑤𝐵 − 𝑎𝐵𝑗𝑤𝑗
|

|

|

⩽ 𝜉𝐿, ∀𝑗,
|

|

|

𝑤𝑗 − 𝑎𝑗𝑊 𝑤𝑊
|

|

|

⩽ 𝜉𝐿, ∀𝑗,
𝑛
∑

𝑗=1
𝑤𝑗 = 1,

𝑤𝑗 ∈ [0, 1],∀𝑗.

(8)

By solving model (8), one can derive the unique optimal criteria
weights (𝑤∗

1 , 𝑤
∗
2 ,… , 𝑤∗

𝑛)
𝑇 and the optimal 𝜉𝐿∗ value. 𝜉𝐿∗ is an indicator

of the comparison system’s consistency. Smaller 𝜉𝐿∗ values indicate a
higher level of consistency.

3. An analytical framework for the best–worst method

3.1. The equivalent BWM

The BWM derives the weights based on two vectors of pairwise
comparisons, the BO vector 𝐴𝐵 and OW vector 𝐴𝑊 . Given these two
vectors, the definition of cardinal consistency for the set of preferences
contained in a BWM pairwise comparison system is defined as follows:

Definition 1 ([9,20,36]). A comparison in the BWM is fully consistent
when

𝑎𝐵𝑗 × 𝑎𝑗𝑊 = 𝑎𝐵𝑊 , ∀𝑗 = 1, 2,… , 𝑛,

where 𝑎𝐵𝑗 , 𝑎𝑗𝑊 , and 𝑎𝐵𝑊 are the preference of criterion 𝑐𝐵 over
criterion 𝑐𝑗 , the preference of criterion 𝑐𝑗 over criterion 𝑐𝑊 , and the
preference of criterion 𝑐𝐵 over criterion 𝑐𝑊 , respectively.

For a fully consistent comparison system, the ratios of the criteria
weights in pairs with the two evaluation vectors 𝐴𝐵 and 𝐴𝑊 given in
Eqs. (1) and (2) must satisfy
𝑤𝐵
𝑤𝑗

= 𝑎𝐵𝑗 and
𝑤𝑗

𝑤𝑊
= 𝑎𝑗𝑊 , ∀𝑗 = 1, 2,… , 𝑛. (9)

However, not all pairwise comparisons are consistent when col-
lecting data from a DM in a real-world decision-making problem,
which is why the BWM uses a min–max strategy to determine the
optimal criteria weighting vector (𝑤∗

1 , 𝑤
∗
2 ,… , 𝑤∗

𝑛). Due to the existence
f inconsistency, there is at least one criterion that fails to meet Eq. (9),
hat is,

𝑤∗
𝐵

𝑤∗
𝑗
≠ 𝑎𝐵𝑗 or

𝑤∗
𝑗

𝑤∗
𝑊

≠ 𝑎𝑗𝑊 , for a criterion 𝑐𝑗 .

In terms of the optimal weight vector (𝑤∗
1 , 𝑤

∗
2 ,… , 𝑤∗

𝑛), one can
produce a pair of unique and fully consistent BWM pairwise comparison
systems such that

�̃�𝐵 = (�̃�𝐵1, �̃�𝐵2,… , �̃�𝐵𝑛) and �̃�𝑊 = (�̃�1𝑊 , �̃�2𝑊 ,… , �̃�𝑛𝑊 )

ith

�̃�𝐵𝑗 =
𝑤∗

𝐵
𝑤∗

𝑗
and �̃�𝑗𝑊 =

𝑤∗
𝑗

𝑤∗
𝑊

, ∀𝑗 = 1, 2,… , 𝑛.

The two generated evaluation vectors �̃�𝐵 and �̃�𝑊 are not entirely
identical to the original vector 𝐴𝐵 and vector 𝐴𝑊 , respectively. How-
ever, they constitute a consistent comparison system, and thus they are,
in essence, the optimal modified pairwise comparison vectors of the
original vectors under the minimax strategy.

Assume that (𝑤∗
1 , 𝑤

∗
2 ,… , 𝑤∗

𝑛) is the optimal weight vector, and �̃�𝐵
and �̃� are the two equivalent transformed BO and OW vectors. In
4

𝑊

line with the idea of the BWM, we aim to find two modified compar-
ison vectors �̃�𝐵 and �̃�𝑊 such that the maximum absolute differences
|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

and |

|

|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

for all 𝑗 are minimized, that is,

inmax
𝑗

{

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

, ||
|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

}

Additionally, considering the cardinal consistency of the modified
omparison system and the condition of comparison with a strength
hat is equal to or greater than 1, we have

�̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , with �̃�𝐵𝑗 , �̃�𝑗𝑊 ⩾ 1, ∀𝑗.

Then, we can turn the original nonlinear BWM, which is a criteria
eight-based programming model, into an equivalent BWM driven by

he optimal modified comparison vectors as follows:

minmax
𝑗

{

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

, ||
|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

}

𝑠.𝑡.

{

�̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀𝑗,

�̃�𝐵𝑗 , �̃�𝑗𝑊 ⩾ 1, ∀𝑗.

(10)

Model (10) can be transformed into the following model:

min 𝜉

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

⎩

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

⩽ 𝜉, ∀𝑗,
|

|

|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

⩽ 𝜉, ∀𝑗,

�̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀𝑗,

�̃�𝐵𝑗 , �̃�𝑗𝑊 ⩾ 1, ∀𝑗.

(11)

By solving model (11), the optimal modified pairwise comparison
vectors �̃�𝐵 and �̃�𝑊 , and 𝜉∗ are obtained. Homogeneously, the optimal
solutions for the equivalent BWM (11) satisfy the following: For not-
fully consistent comparisons with three criteria, we always have two
unique optimal modified pairwise comparison vectors �̃�𝐵 and �̃�𝑊 ,
while for not-fully consistent problems with more than three criteria,
we might have multiple optimal modified pairwise comparison vectors
�̃�𝐵 and �̃�𝑊 .

Furthermore, based on only the modified BO vector �̃�𝐵 or modified
OW vector �̃�𝑊 , we can calculate the criteria weights as follows [48].

𝑤𝐵𝑂
𝑗 = 1

�̃�𝐵𝑗
∑

𝑗
1

�̃�𝐵𝑗

or 𝑤𝑂𝑊
𝑗 =

�̃�𝑗𝑊
∑

𝑗 �̃�𝑗𝑊
. (12)

For a fully consistent comparison system, as �̃�𝐵𝑗 = �̃�𝐵𝑊
�̃�𝑗𝑊

and �̃�𝑗𝑊 =
�̃�𝐵𝑊
�̃�𝐵𝑗

hold for all 𝑗 = 1, 2,… , 𝑛, using any equation in Eq. (12) can
produce the same criteria weight vector. Finally, we can use these
weights to rank the criteria or alternatives.

Compared to the original BWM, our newly developed equivalent
BWM has the following characteristics:

1. It is an indirect way to determine the criteria weights. Regarding
the inconsistent comparison system, the equivalent BWM aims
to find two optimal modified comparison vectors to make the
comparison system fully consistent in line with the minimax rule
of the BWM. This modified system might be easier to understand
if the DM is not familiar with the relationship between the
criteria weights and comparison vectors.

2. It has fewer nonlinear constraints and more equality constraints,
and all these nonlinear constraints are precise equality con-
straints. Specifically, the BWM has 4𝑛 − 6 nonlinear constraints,
while the newly developed equivalent BWM has only 𝑛−2 nonlin-
ear constraints. Additionally, the fractional nonlinear constraints
bring difficulty for the analytical solution of the model, while
the pairwise multiplicative nonlinear equality constraints offer
possible analytical solutions for the BWM.

3. It can guide a DM regarding the modification direction of the
optimal adjusted comparison vectors. The equivalent BWM aims
to find two modified comparison vectors �̃� and �̃� , where
𝐵 𝑊
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the maximum absolute adjustments |

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

and |

|

|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

for all 𝑗 are minimized. The desired cardinal consistency con-
straints for each criterion can help identify the potentially most
inconsistent criterion, after which the adjustment direction can
be determined and the analytical solution of the model can be
obtained.

3.2. Analytical solutions of the equivalent BWM

After proposing the equivalent BWM (10), it is necessary to explore
the properties of the optimal solutions and their analytical forms of
the model. Rezaei [36] explained the reason for multi-optimality in the
BWM in terms of linear algebra and came to the conclusion that there
is a unique optimal solution for a not-fully consistent problem with
three criteria, and that not-fully consistent pairwise comparison systems
with more than three criteria might have multiple optimal solutions.
However, theoretically, there is still no analytical form of the optimal
solutions for the nonlinear BWM.

Next, we will mathematically prove the above conclusions and
give some analytical solutions for the model. Before calculating the
analytical solutions, we provide the following theorem to guide us
regarding the optimal modified strategy.

Theorem 1. For a not-fully consistent pairwise comparison system with
three criteria 𝑐𝐵 , 𝑐𝐽 and 𝑐𝑊 , 𝐽 here refers to the criterion which is not the
Best or the Worst.

(1) If 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 , then the optimal modified strategy is

(𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 + 𝜉𝐵𝑊 , (13)

where 0 ⩽ 𝜉𝐵𝐽 ⩽ 𝑎𝐵𝐽 − 1, 0 ⩽ 𝜉𝐽𝑊 ⩽ 𝑎𝐽𝑊 − 1, 𝜉𝐵𝑊 ⩾ 0.
(2) If 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 , then the optimal modified strategy is

(𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 , (14)

where 𝜉𝐵𝐽 ⩾ 0, 𝜉𝐽𝑊 ⩾ 0, 0 ⩽ 𝜉𝐵𝑊 ⩽ 𝑎𝐵𝑊 − 1.

Proof. To prove that the optimal modified strategy for 𝑎𝐵𝐽 , 𝑎𝐽𝑊 , and
𝑎𝐵𝑊 satisfies Eq. (13) when 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 , we only need to prove
that any of the following modified strategies is not optimal, where

(I) (𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 ;
(II) (𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 + 𝜉𝐵𝑊 ;
(III) (𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 + 𝜉𝐵𝑊 ;
(IV) (𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 ;
(V) (𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 + 𝜉𝐵𝑊 ;
(VI) (𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 ;
(VII) (𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 .
First, strategy (I) is not feasible. Assume that any of the above

modified strategies (II)–(VII) is the optimal modified strategy. Then, for
strategies (II)–(V), we can find 𝜉′𝐵𝐽 = 𝜉𝐵𝐽−𝛥𝐵𝐽 and 𝜉𝐵𝑊 = 𝜉′𝐵𝑊 −𝛥𝐵𝑊 to
make strategies (II)–(IV) true as well. For strategies (VI) and (VII), we
can find 𝜉′𝐵𝐽 = 𝜉𝐵𝐽 −𝛥𝐵𝐽 and 𝜉𝐽𝑊 = 𝜉′𝐽𝑊 −𝛥𝐵𝑊 to make strategies (VI)
and (VII) true as well. That is, we can find another pair of modification
strategies that outperform strategies (VI) and (VII). Thus, none of the
above modified strategies (I)–(VII) is the optimal modified strategy, and
the optimal modified strategy is Eq. (13) when 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 . The
proof of condition (2) is similar to the proof of condition (1), and it is
omitted.

Theorem 2. There is only one unique optimal solution for the BWM under
a not-fully consistent comparison system with three criteria, and we have the
following:

(1) The optimal objective function value 𝜉∗ is one root of the following
quadric equation:
{

(𝑎𝐵𝐽 − 𝜉) × (𝑎𝐽𝑊 − 𝜉) = 𝑎𝐵𝑊 + 𝜉, 𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 ,
(15)
5

(𝑎𝐵𝐽 + 𝜉) × (𝑎𝐽𝑊 + 𝜉) = 𝑎𝐵𝑊 − 𝜉, 𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,
and thus,

𝜉∗ =

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1 −
√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 ,

−(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1) +
√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,

(16)

which leads to

𝜉∗ =

|

|

|

|

|

|

|

|

𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1 −
√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2

|

|

|

|

|

|

|

|

.

(17)

(2) The unique optimal solution for the modified comparison vectors is

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽 = 𝑎𝐵𝐽 + 𝜉∗,

�̃�𝐽𝑊 = 𝑎𝐽𝑊 + 𝜉∗,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 − 𝜉∗,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽 = 𝑎𝐵𝐽 − 𝜉∗,

�̃�𝐽𝑊 = 𝑎𝐽𝑊 − 𝜉∗,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 + 𝜉∗,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 ,

(18)

and thus the analytical forms of the optimal criteria weights are

⎧

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎩

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

𝑤𝐽 =
𝑎𝐽𝑊 + 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝐵 =
𝑎𝐵𝑊 − 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝑊 = 1
𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1

,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

𝑤𝐽 =
𝑎𝐽𝑊 − 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝐵 =
𝑎𝐵𝑊 + 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝑊 = 1
𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1

,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 .

(19)

Proof. (1) Based on the results of Theorem 1, if 𝑎𝐵𝐽 ×𝑎𝐽𝑊 > 𝑎𝐵𝑊 , then
the optimal modified strategy is

(𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 + 𝜉𝐵𝑊 .

Let 𝜉 = max{𝜉𝐵𝐽 , 𝜉𝐽𝑊 , 𝜉𝐵𝑊 }; then, we have 𝜉𝐵𝐽 ⩽ 𝜉, 𝜉𝐽𝑊 ⩽ 𝜉, 𝜉𝐵𝑊 ⩽
𝜉, and thus

(𝑎𝐵𝐽 − 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 − 𝜉𝐽𝑊 ) ⩾ (𝑎𝐵𝐽 − 𝜉) × (𝑎𝐽𝑊 − 𝜉)

and

𝑎𝐵𝑊 + 𝜉 ⩾ 𝑎𝐵𝑊 + 𝜉𝐵𝑊 .

Combining the above equations, we find that

𝑎𝐵𝑊 + 𝜉 ⩾ (𝑎𝐵𝐽 − 𝜉) × (𝑎𝐽𝑊 − 𝜉).

Solving the above inequality, we can obtain

𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1 −
√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
⩽ 𝜉

⩽
𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1 +

√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )
.

2
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w

𝑎

(

𝜉

(

o

𝜉

o
{

o
a
c
i

a
e
t

(

Therefore, the optimal 𝜉∗ is

𝜉∗ = min{𝜉} =
𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1 −

√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
,

here equality holds if and only if

𝐵𝑊 + 𝜉 = (𝑎𝐵𝐽 − 𝜉) × (𝑎𝐽𝑊 − 𝜉).

(II) If 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 , then the optimal modified strategy is

𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 ) = 𝑎𝐵𝑊 − 𝜉𝐵𝑊 .

Let 𝜉 = max{𝜉𝐵𝐽 , 𝜉𝐽𝑊 , 𝜉𝐵𝑊 }; then, we have 𝜉𝐵𝐽 ⩽ 𝜉, 𝜉𝐽𝑊 ⩽ 𝜉, 𝜉𝐵𝑊 ⩽
, and thus

𝑎𝐵𝐽 + 𝜉) × (𝑎𝐽𝑊 + 𝜉) ⩾ (𝑎𝐵𝐽 + 𝜉𝐵𝐽 ) × (𝑎𝐽𝑊 + 𝜉𝐽𝑊 )

and

𝑎𝐵𝑊 − 𝜉𝐵𝑊 ⩾ 𝑎𝐵𝑊 − 𝜉.

Combining the above three equations, we can obtain

(𝑎𝐵𝐽 + 𝜉) × (𝑎𝐽𝑊 + 𝜉) ⩾ 𝑎𝐵𝑊 − 𝜉.

Solving the above inequality, we can obtain

𝜉 ⩾
−(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1) +

√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2

r

⩽
−(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1) −

√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
.

Therefore, the optimal 𝜉∗ is

𝜉∗ = min{𝜉}

=
−(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1) +

√

(𝑎𝐵𝐽 + 𝑎𝐽𝑊 + 1)2 − 4(𝑎𝐵𝐽 × 𝑎𝐽𝑊 − 𝑎𝐵𝑊 )

2
,

where equality holds if and only if

𝑎𝐵𝑊 − 𝜉 = (𝑎𝐵𝐽 + 𝜉) × (𝑎𝐽𝑊 + 𝜉).

(2) According to the proof of (1), the optimal 𝜉∗ can be found if and
nly if one of the following two quadric equations holds:

(𝑎𝐵𝐽 − 𝜉) × (𝑎𝐽𝑊 − 𝜉) = 𝑎𝐵𝑊 + 𝜉, 𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 ,

(𝑎𝐵𝐽 + 𝜉) × (𝑎𝐽𝑊 + 𝜉) = 𝑎𝐵𝑊 − 𝜉, 𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 .

Solving the quadric equation, we can obtain the optimal objective
function value 𝜉∗. Then, the unique optimal solution for the modified
comparison vectors is

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎩

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽 = 𝑎𝐵𝐽 + 𝜉∗,

�̃�𝐽𝑊 = 𝑎𝐽𝑊 + 𝜉∗,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 − 𝜉∗,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽 = 𝑎𝐵𝐽 − 𝜉∗,

�̃�𝐽𝑊 = 𝑎𝐽𝑊 − 𝜉∗,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 + 𝜉∗,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 .

Based on the above modification rule for the original pairwise
comparison vectors with three criteria, the comparison system is fully
6

consistent. Applying Eq. (12), the analytical forms of the optimal t
criteria weights are

⎧

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎩

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

𝑤𝐽 =
𝑎𝐽𝑊 + 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝐵 =
𝑎𝐵𝑊 − 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝑊 = 1
𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1

,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 < 𝑎𝐵𝑊 ,

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

𝑤𝐽 =
𝑎𝐽𝑊 − 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝐵 =
𝑎𝐵𝑊 + 𝜉∗

𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1
,

𝑤𝑊 = 1
𝑎𝐽𝑊 + 𝑎𝐵𝑊 + 1

,

𝑖𝑓 𝑎𝐵𝐽 × 𝑎𝐽𝑊 > 𝑎𝐵𝑊 .

According to Theorem 2, the optimal objective function value 𝜉∗

f the BWM with three criteria is unique and can be determined
nalytically using Eq. (16) or (17). Regarding a not-fully consistent
omparison system with more than three criteria, we first identify the
nconsistent criteria 𝑐𝐽 = {𝑐𝑗 |𝑎𝐵𝑗 × 𝑎𝑗𝑊 ≠ 𝑎𝐵𝑊 } and then divide them

into two groups such that

𝑐𝐽1 = {𝑐𝑗 |𝑎𝐵𝑗 × 𝑎𝑗𝑊 > 𝑎𝐵𝑊 }, 𝑐𝐽2 = {𝑐𝑗 |𝑎𝐵𝑗 × 𝑎𝑗𝑊 < 𝑎𝐵𝑊 },

which we call the upside criteria set and downside criteria set, respec-
tively. We assume that the cardinality of the inconsistent criteria sets
is 𝑛′.

If 𝑐𝐽1 = 𝑐𝐽2 = ∅, then the BWM comparisons are fully consistent.
Otherwise, the comparisons are not fully consistent. In this case, we
rebuild 𝑛′ BWM comparison systems with only three criteria (𝑐𝐵 , 𝑐𝑊 ,
and 𝑐𝑗). For the 𝑛′ BWM comparison systems, we can compute their
optimal 𝜉𝑗 values using Eq. (16).

Considering the characteristics of the pairwise comparison vectors,
it is intuitive to identify the potentially most inconsistent criterion in
line with the 𝜉𝑗 values. The larger the 𝜉𝑗 value is, the more likely
criterion 𝑐𝑗 is to be the most inconsistent criterion. Specifically, the two
criteria 𝑐𝐽∗

1
and 𝑐𝐽∗

2
in the upside and downside criteria sets are selected

as the potentially most inconsistent criteria, where

𝑐𝐽∗
1
=
{

𝑐𝐽1 |𝜉𝐽∗
1
= argmax

𝐽1

{

𝜉𝐽1
}

}

,

and

𝑐𝐽∗
2
=
{

𝑐𝐽2 |𝜉𝐽∗
2
= argmax

𝐽2

{

𝜉𝐽2
}

}

.

Next, we explore how the potentially most inconsistent criteria 𝑐𝐽∗
1

and 𝑐𝐽∗
2

affect the optimal objective function value 𝜉∗ in the BWM.
Naturally, we consider the following three conditions: (1) all the in-
consistent criteria are upside criteria; (2) all the inconsistent criteria are
downside criteria; and (3) the inconsistent criteria include both upside
and downside criteria. This idea gradually moves from two special
conditions to the general condition. We provide the following three
propositions for the above three conditions.

Proposition 1. When all the inconsistent criteria are upside criteria, 𝜉𝐽∗
1

is the optimal objective function value of the BWM.

Proof. To prove this proposition, we only need to prove that 𝜉𝐽∗
1

is the
feasible solution of all the other upside comparison systems but that no
𝜉𝐽1 is a feasible solution of the comparison system with criteria 𝑐𝐵 , 𝑐𝑊 ,
nd 𝑐𝐽∗

1
. To prove the former result, we only need to prove that there

xist two values 𝜉′𝐽1 , 𝜉
′′
𝐽1

∈ [−𝜉𝐽∗
1
, 𝜉𝐽∗

1
] that make the following equation

rue.

𝑎𝐵𝐽1 − 𝜉′𝐽1 ) × (𝑎𝐽1𝑊 − 𝜉′′𝐽1 ) = 𝑎𝐵𝑊 + 𝜉𝐽∗
1
.

According to the results in Theorem 2, the optimal objective func-
ion values 𝜉 ∗ and 𝜉 for each comparison system with three criteria
𝐽1 𝐽1
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t

𝜉

a
s

(

a
c
t

𝑎

(

𝜉

a
s

(

a
t
v

𝜉

𝑎

(

a
{

(

𝜉

satisfy (𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
) = 𝑎𝐵𝑊 + 𝜉𝐽∗

1
and (𝑎𝐵𝐽1 − 𝜉𝐽1 ) × (𝑎𝐽1𝑊 −

𝜉𝐽1 ) = 𝑎𝐵𝑊 + 𝜉𝐽1 . As 𝜉𝐽∗
1
> 𝜉𝐽1 , we have

(𝑎𝐵𝐽1 − 𝜉𝐽∗
1
) × (𝑎𝐽1𝑊 − 𝜉𝐽∗

1
) < (𝑎𝐵𝐽1 − 𝜉𝐽1 ) × (𝑎𝐽1𝑊 − 𝜉𝐽1 ) = 𝑎𝐵𝑊 + 𝜉𝐽1 < 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

that is,

(𝑎𝐵𝐽1 − 𝜉𝐽∗
1
) × (𝑎𝐽1𝑊 − 𝜉𝐽∗

1
) < 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

and

(𝑎𝐵𝐽1 + 𝜉𝐽∗
1
) × (𝑎𝐽1𝑊 + 𝜉𝐽∗

1
) > 𝑎𝐵𝐽1 × 𝑎𝐽1𝑊 + 𝜉𝐽∗

1
> 𝑎𝐵𝑊 + 𝜉𝐽∗

1
.

Combining the above two equations, there must exist two values
𝜉′𝐽1 , 𝜉

′′
𝐽1

∈ [−𝜉𝐽∗
1
, 𝜉𝐽∗

1
] such that

(𝑎𝐵𝐽1 − 𝜉′𝐽1 ) × (𝑎𝐽1𝑊 − 𝜉′′𝐽1 ) = 𝑎𝐵𝑊 + 𝜉𝐽∗
1
.

Thus, 𝜉𝐽∗
1

is the feasible solution of all the other upside comparison
systems.

To prove the second result, we shall prove that for any two values
𝜉′𝐽1 , 𝜉

′′
𝐽1

∈ [−𝜉𝐽1 , 𝜉𝐽1 ],

(𝑎𝐵𝐽∗
1
− 𝜉′𝐽1 ) × (𝑎𝐽∗

1𝑊
− 𝜉′′𝐽1 ) > 𝑎𝐵𝑊 + 𝜉𝐽∗

1
.

Because 𝜉𝐽∗
1
> 𝜉𝐽1 and 𝜉′𝐽1 , 𝜉

′′
𝐽1

∈ [−𝜉𝐽1 , 𝜉𝐽1 ], we have

(𝑎𝐵𝐽∗
1
− 𝜉′𝐽1 ) × (𝑎𝐽∗

1𝑊
− 𝜉′′𝐽1 ) ⩾ (𝑎𝐵𝐽∗

1
− 𝜉𝐽1 ) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽1 )

> (𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
) = 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

that is,

(𝑎𝐵𝐽∗
1
− 𝜉′𝐽1 ) × (𝑎𝐽∗

1𝑊
− 𝜉′′𝐽1 ) > 𝑎𝐵𝑊 + 𝜉𝐽∗

1
.

Thus, there exist no feasible solutions in any interval [−𝜉𝐽1 , 𝜉𝐽1 ]
that make the comparison system with criteria 𝑐𝐵 , 𝑐𝑊 , and 𝑐𝐽∗

1
fully

consistent. Therefore, 𝜉𝐽∗
1

is the optimal objective function value of the
BWM when all the inconsistent criteria are upside criteria.

Proposition 2. When all the inconsistent criteria are downside criteria,
𝜉𝐽∗

2
is the optimal objective function value of the BWM.

Proof. To prove this proposition, we only need to prove that 𝜉𝐽∗
2

is
the feasible solution of all the other downside comparison systems but
that no 𝜉𝐽2 value is the feasible solution of the comparison system
with criteria 𝑐𝐵 , 𝑐𝑊 , and 𝑐𝐽∗

2
. The proof is similar to the proof of

Proposition 1, and it is omitted.

Proposition 3. When the inconsistent criteria include both upside and
downside criteria, the optimal objective function value 𝜉∗ of the BWM is
determined by the following rules:

(1) If (𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

1
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

1
) ⩾ 𝑎𝐵𝑊 + 𝜉𝐽∗

1
, then 𝜉∗ = 𝜉𝐽∗

1
;

(2) If (𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

2
) ⩽ 𝑎𝐵𝑊 − 𝜉𝐽∗

2
, then 𝜉∗ = 𝜉𝐽∗

2
;

(3) If (𝑎𝐵𝐽∗
2
+𝜉𝐽∗

1
)×(𝑎𝐽∗

2𝑊
+𝜉𝐽∗

1
) < 𝑎𝐵𝑊 +𝜉𝐽∗

1
or (𝑎𝐵𝐽∗

1
−𝜉𝐽∗

2
)×(𝑎𝐽∗

1𝑊
−

𝜉𝐽∗
2
) > 𝑎𝐵𝑊 − 𝜉𝐽∗

2
, then the optimal objective function value 𝜉∗ of the BWM

is the root of the equation

(𝑎𝐵𝐽∗
1
− 𝜉) × (𝑎𝐽∗

1𝑊
− 𝜉) = (𝑎𝐵𝐽∗

2
+ 𝜉) × (𝑎𝐽∗

2𝑊
+ 𝜉),

and thus,

𝜉∗ =
𝑎𝐵𝐽∗

1
× 𝑎𝐽∗

1𝑊
− 𝑎𝐵𝐽∗

2
× 𝑎𝐽∗

2𝑊

𝑎𝐵𝐽∗
1
+ 𝑎𝐽∗

1𝑊
+ 𝑎𝐵𝐽∗

2
+ 𝑎𝐽∗

2𝑊
.

Proof. (1) Based on Propositions 1 and 2, we know that 𝜉𝐽∗
1

and 𝜉𝐽∗
2

are
the optimal 𝜉 values of the upside and downside comparison systems,
respectively. Then, the following two equations are true:

(𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
) = 𝑎𝐵𝑊 + 𝜉𝐽∗

1

and

(𝑎 ∗ + 𝜉 ∗ ) × (𝑎 ∗ + 𝜉 ∗ ) = 𝑎 − 𝜉 ∗ .
7

𝐵𝐽2 𝐽2 𝐽2𝑊 𝐽2 𝐵𝑊 𝐽2
As

(𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

1
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

1
) ⩾ 𝑎𝐵𝑊 + 𝜉𝐽∗

1
> 𝑎𝐵𝑊 − 𝜉𝐽∗

2

= (𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

2
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

2
),

hen we can obtain that

𝐽∗
1
> 𝜉𝐽∗

2
,

nd thus 𝜉𝐽∗
1

is also the feasible solution of all the downside comparison
ystems.

In the opposite case, we can obtain that

𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

2
) > (𝑎𝐵𝐽∗

1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
) = 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

nd thus 𝜉𝐽∗
2

is not the feasible 𝜉 value of the pairwise comparison with
riterion 𝑐𝐽∗

1
. Then, 𝜉𝐽∗

1
is the optimal objective function value 𝜉∗ of all

he comparison systems.
(2) When (𝑎𝐵𝐽∗

1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

2
) ⩽ 𝑎𝐵𝑊 − 𝜉𝐽∗

2
, as 𝑎𝐵𝑊 − 𝜉𝐽∗

2
<

𝐵𝑊 + 𝜉𝐽∗
1
, we have

𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

2
) < (𝑎𝐵𝐽∗

1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
).

Then, we can obtain that

𝐽∗
1
< 𝜉𝐽∗

2
,

nd thus 𝜉𝐽∗
2

is also a feasible solution of all the upside comparison
ystems.

As (𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

2
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

2
) = 𝑎𝐵𝑊 − 𝜉𝐽∗

2
and 𝜉𝐽∗

1
< 𝜉𝐽∗

2
, we have

𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

1
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

1
) < (𝑎𝐵𝐽∗

2
+ 𝜉𝐽∗

2
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

2
) = 𝑎𝐵𝑊 − 𝜉𝐽∗

2
,

nd thus 𝜉𝐽∗
1

is not the feasible 𝜉 value of the pairwise comparison
oward criterion 𝑐𝐽∗

2
. Therefore, 𝜉𝐽∗

2
is the optimal objective function

alue 𝜉∗ of the whole BWM comparison system.
(3) If (𝑎𝐵𝐽∗

2
+𝜉𝐽∗

1
)×(𝑎𝐽∗

2𝑊
+𝜉𝐽∗

1
) < 𝑎𝐵𝑊 +𝜉𝐽∗

1
or (𝑎𝐵𝐽∗

1
−𝜉𝐽∗

2
)×(𝑎𝐽∗

1𝑊
−

𝐽∗
2
) > 𝑎𝐵𝑊 − 𝜉𝐽∗

2
, then the optimal modified �̃�𝐵𝑊 should satisfy

𝐵𝑊 − 𝜉𝐽∗
2
< �̃�𝐵𝑊 < 𝑎𝐵𝑊 + 𝜉𝐽∗

1
.

In this case, the optimal 𝜉𝐽∗
1

and 𝜉𝐽∗
2

should satisfy

𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

1
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

1
) = �̃�𝐵𝑊 = (𝑎𝐵𝐽∗

2
+ 𝜉𝐽∗

2
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

2
),

nd the feasible objective function value 𝜉 of the BWM is 𝜉 = max
𝜉𝐽∗

1
, 𝜉𝐽∗

2
}, which leads to

𝑎𝐵𝐽∗
1
− 𝜉) × (𝑎𝐽∗

1𝑊
− 𝜉) ⩽ (𝑎𝐵𝐽∗

2
+ 𝜉) × (𝑎𝐽∗

2𝑊
+ 𝜉).

Solving the above inequality, we can obtain that

⩾
𝑎𝐵𝐽∗

1
× 𝑎𝐽∗

1𝑊
− 𝑎𝐵𝐽∗

2
× 𝑎𝐽∗

2𝑊

𝑎𝐵𝐽∗
1
+ 𝑎𝐽∗

1𝑊
+ 𝑎𝐵𝐽∗

2
+ 𝑎𝐽∗

2𝑊
.

Therefore, the optimal 𝜉∗ = min{𝜉} is

𝜉∗ = min{𝜉} =
𝑎𝐵𝐽∗

1
× 𝑎𝐽∗

1𝑊
− 𝑎𝐵𝐽∗

2
× 𝑎𝐽∗

2𝑊

𝑎𝐵𝐽∗
1
+ 𝑎𝐽∗

1𝑊
+ 𝑎𝐵𝐽∗

2
+ 𝑎𝐽∗

2𝑊
,

where equality holds if and only if

(𝑎𝐵𝐽∗
1
− 𝜉) × (𝑎𝐽∗

1𝑊
− 𝜉) = (𝑎𝐵𝐽∗

2
+ 𝜉) × (𝑎𝐽∗

2𝑊
+ 𝜉).

Synthesizing the results of Propositions 1 to 3, we can derive the
analytical form of the unique optimal objective function value 𝜉∗

of the BWM. Furthermore, we can determine the analytical form of
the multiple optimal solutions of the BWM. They are expressed in
Theorem 3.

Theorem 3. There might be multiple optimal solutions for the BWM under
a not-fully consistent pairwise comparison system with more than three

criteria, and we have the following:
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(1) The unique optimal objective function value 𝜉∗ of the BWM is

𝜉∗ =

⎧

⎪

⎪

⎨

⎪

⎪

⎩

𝜉𝐽∗
1
, 𝑖𝑓 (𝑎𝐵𝐽∗

2
+ 𝜉𝐽∗

1
) × (𝑎𝐽∗

2𝑊
+ 𝜉𝐽∗

1
) ⩾ 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

𝜉𝐽∗
2
, 𝑖𝑓 (𝑎𝐵𝐽∗

1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1𝑊
− 𝜉𝐽∗

2
) ⩽ 𝑎𝐵𝑊 − 𝜉𝐽∗

2
,

𝑎𝐵𝐽∗
1
× 𝑎𝐽∗

1𝑊
− 𝑎𝐵𝐽∗

2
× 𝑎𝐽∗

2𝑊

𝑎𝐵𝐽∗
1
+ 𝑎𝐽∗

1𝑊
+ 𝑎𝐵𝐽∗

2
+ 𝑎𝐽∗

2𝑊
, 𝑒𝑙𝑠𝑒.

(20)

(2) The unique optimal modified values in the comparison system are

⎧

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎩

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽∗
1
= 𝑎𝐵𝐽∗

1
− 𝜉𝐽∗

1

�̃�𝐽∗
1 𝑊

= 𝑎𝐽∗
1 𝑊

− 𝜉𝐽∗
1
,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 + 𝜉𝐽∗
1
,

𝑖𝑓 (𝑎𝐵𝐽∗
2
+ 𝜉𝐽∗

1
) × (𝑎𝐽∗

2 𝑊
+ 𝜉𝐽∗

1
) ≥ 𝑎𝐵𝑊 + 𝜉𝐽∗

1
,

⎧

⎪

⎨

⎪

⎩

�̃�𝐵𝐽∗
2
= 𝑎𝐵𝐽∗

2
+ 𝜉𝐽∗

2

�̃�𝐽∗
2 𝑊

= 𝑎𝐽∗
2 𝑊

+ 𝜉𝐽∗
2
,

�̃�𝐵𝑊 = 𝑎𝐵𝑊 − 𝜉𝐽∗
2
,

𝑖𝑓 (𝑎𝐵𝐽∗
1
− 𝜉𝐽∗

2
) × (𝑎𝐽∗

1 𝑊
− 𝜉𝐽∗

2
) ≤ 𝑎𝐵𝑊 − 𝜉𝐽∗

2
,

⎧

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎩

�̃�𝐵𝐽∗
1
= 𝑎𝐵𝐽∗

1
− 𝜉∗

�̃�𝐽∗
1 𝑊

= 𝑎𝐽∗
1 𝑊

− 𝜉∗,
�̃�𝐵𝐽∗

2
= 𝑎𝐵𝐽∗

2
+ 𝜉∗

�̃�𝐽∗
2 𝑊

= 𝑎𝐽∗
2 𝑊

+ 𝜉∗,
�̃�𝐵𝑊 = (𝑎𝐵𝐽∗

1
− 𝜉∗) × (𝑎𝐽∗

1 𝑊
− 𝜉∗),

𝑒𝑙𝑠𝑒.

(21)

(3) The feasible optimal solution for the left modified comparison vectors is

�̃�𝑗𝑊 ∈
[

max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝐵𝑗 + 𝜉∗

}

,

min

{

𝑎𝑗𝑊 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

}]

with �̃�𝐵𝑗 =
�̃�𝐵𝑊
�̃�𝑗𝑊

, ∀ 𝑗

(22)

or

�̃�𝐵𝑗 ∈
[

max
{

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝑗𝑊 + 𝜉∗

}

,

min

{

𝑎𝐵𝑗 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

}]

with �̃�𝑗𝑊 =
�̃�𝐵𝑊
�̃�𝐵𝑗

, ∀ 𝑗.

(23)

roof. (1) According to the results of Propositions 1 to 3, we can
irectly summarize the analytical form for the unique optimal objective
unction value 𝜉∗ of the BWM with Eq. (20).

(2) According to the proof of (1), the optimal 𝜉∗ can be found if and
nly if one of the following three quadric equations holds

(𝑎𝐵𝐽∗
1
− 𝜉) × (𝑎𝐽∗

1 𝑊
− 𝜉) = 𝑎𝐵𝑊 + 𝜉, 𝑖𝑓 (𝑎𝐵𝐽∗

2
+ 𝜉) × (𝑎𝐽∗

2 𝑊
+ 𝜉) ⩾ 𝑎𝐵𝑊 + 𝜉,

(𝑎𝐵𝐽∗
2
+ 𝜉) × (𝑎𝐽∗

2 𝑊
+ 𝜉) = 𝑎𝐵𝑊 − 𝜉, 𝑖𝑓 (𝑎𝐵𝐽∗

1
− 𝜉) × (𝑎𝐽∗

1 𝑊
− 𝜉) ⩽ 𝑎𝐵𝑊 − 𝜉,

(𝑎𝐵𝐽∗
1
− 𝜉) × (𝑎𝐽∗

1 𝑊
− 𝜉) = (𝑎𝐵𝐽∗

2
+ 𝜉) × (𝑎𝐽∗

2 𝑊
+ 𝜉), 𝑒𝑙𝑠𝑒.

Therefore, the unique optimal modified values in the comparison
system can be analytically expressed by Eq. (21).

(3) Based on the results of (1) and (2), we know that both the
optimal 𝜉∗ and �̃�𝐵𝑊 in the BWM are unique and analytical. The optimal
modified comparison values �̃�𝐵𝑗 and �̃�𝑗𝑊 must satisfy

�̃�𝐵𝑗 ∈
[

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

, 𝑎𝐵𝑗 + 𝜉∗
]

,

�̃�𝑗𝑊 ∈
[

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, 𝑎𝑗𝑊 + 𝜉∗
]

, ∀ 𝑗.

Additionally, the optimal modified comparison vectors should be
fully consistent so that �̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀ 𝑗, so the optimal modified
comparison values �̃�𝐵𝑗 and �̃�𝑗𝑊 also need to satisfy

�̃�𝐵𝑗 =
�̃�𝐵𝑊
�̃�𝑗𝑊

∈

[

�̃�𝐵𝑊
𝑎𝑗𝑊 + 𝜉∗

,
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

]

,

�̃�𝑗𝑊 =
�̃�𝐵𝑊
�̃�𝐵𝑗

∈

[

�̃�𝐵𝑊
𝑎𝐵𝑗 + 𝜉∗

,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

]

, ∀𝑗.
8

t

Then, the feasible regions of the optimal modified comparison
values �̃�𝐵𝑗 and �̃�𝑗𝑊 should be

�̃�𝐵𝑗 ∈

[

�̃�𝐵𝑊
𝑎𝑗𝑊 + 𝜉∗

,
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

]

∩
[

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

, 𝑎𝐵𝑗 + 𝜉∗
]

, ∀𝑗.

�̃�𝑗𝑊 ∈

[

�̃�𝐵𝑊
𝑎𝐵𝑗 + 𝜉∗

,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

]

∩
[

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, 𝑎𝑗𝑊 + 𝜉∗
]

, ∀ 𝑗.

The following inequality must be true:

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

× max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

⩽ �̃�𝐵𝑊

⇔

⎧

⎪

⎪

⎨

⎪

⎪

⎩

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

⩽
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

⩽
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

∀𝑗.

Thus, the lower and upper bounds of the optimal modified �̃�𝐵𝑗 and
̃𝑗𝑊 values are

inf{�̃�𝑗𝑊 } = max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝐵𝑗 + 𝜉∗

}

,

up{�̃�𝑗𝑊 } = min

{

𝑎𝑗𝑊 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

}

, ∀𝑗,

inf{�̃�𝐵𝑗} = max
{

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝑗𝑊 + 𝜉∗

}

,

sup{�̃�𝐵𝑗} = min

{

𝑎𝐵𝑗 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

}

, ∀𝑗.

Because the optimal �̃�𝐵𝑊 value is analytically fixed and the optimal
odified �̃�𝐵𝑗 and �̃�𝑗𝑊 satisfy �̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀ 𝑗, we only need to
etermine one value between �̃�𝐵𝑗 and �̃�𝑗𝑊 ; then, the feasible optimal

solution for the modified comparison vectors is

̃𝑗𝑊 ∈
[

max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝐵𝑗 + 𝜉∗

}

,

min

{

𝑎𝑗𝑊 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

}]

with �̃�𝐵𝑗 =
�̃�𝐵𝑊
�̃�𝑗𝑊

, ∀𝑗

or

̃𝐵𝑗 ∈
[

max
{

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝑗𝑊 + 𝜉∗

}

,

min

{

𝑎𝐵𝑗 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

}]

with �̃�𝑗𝑊 =
�̃�𝐵𝑊
�̃�𝐵𝑗

, ∀𝑗.

The original BWM used the optimal objective function value 𝜉∗ as
a consistency measurement of a comparison system, where the smaller
𝜉∗ is, the higher the consistency of the comparison system. According
to Theorems 2 and 3, the optimal 𝜉∗ value of the BWM is unique and
can be determined analytically. Thus, we can derive some interesting
properties of this analytical function from a mathematical point of
view.

Proposition 4. The optimal modified function value 𝜉∗ of the BWM
satisfies the following:

(1) 𝜉∗ is a continuous function with respect to the values of 𝑎𝐵𝐽∗
1
, 𝑎𝐽∗

1𝑊
,

nd 𝑎𝐵𝑊 ; 𝑎𝐵𝐽∗
2
, 𝑎𝐽∗

2𝑊
, and 𝑎𝐵𝑊 ; or 𝑎𝐵𝐽∗

1
, 𝑎𝐽∗

1𝑊
, 𝑎𝐵𝐽∗

2
and 𝑎𝐽∗

2𝑊
;

(2) 𝜉∗ = 0 if and only if the comparison system is fully consistent;
(3) 𝜉∗ is invariant with respect to a permutation of the indices of the

riteria;
(4) For a fully consistent comparison system, moving one of the prefer-

nces 𝑎𝐵𝑗 or 𝑎𝑗𝑊 away from its original value in the range [1, 𝑎𝐵𝑊 ] will
ead to an increase in the 𝜉∗ value;

(5) If we remove a criterion that is not the best, the worst, or the
otentially most inconsistent criterion 𝑐𝐽∗

1
or 𝑐𝐽∗

2
from the criteria set, then

∗
he 𝜉 value of the BWM does not change.
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The proofs of the above properties are similar to the proofs in [20],
so we omit them here for simplicity. Furthermore, as the optimal modi-
fied best to worst value �̃�𝐵𝑊 of the BWM has a direct relationship with
𝜉∗, the optimal analytical form of �̃�𝐵𝑊 has the following properties:

Proposition 5. The optimal modified best to worst value �̃�𝐵𝑊 of the BWM
satisfies the following:

(1) �̃�𝐵𝑊 is a continuous function with respect to the values of 𝑎𝐵𝐽∗
1
,

𝑎𝐽∗
1𝑊

, and 𝑎𝐵𝑊 ; 𝑎𝐵𝐽∗
2
, 𝑎𝐽∗

2𝑊
, and 𝑎𝐵𝑊 ; or 𝑎𝐵𝐽∗

1
, 𝑎𝐽∗

1𝑊
, 𝑎𝐵𝐽∗

2
and 𝑎𝐽∗

2𝑊
;

(2) �̃�𝐵𝑊 = 𝑎𝐵𝑊 if and only if the comparison system is fully consistent;
(3) �̃�𝐵𝑊 is invariant with respect to a permutation of the indices of the

criteria;
(4) If we remove a criterion that is not the best, the worst, or the

potentially most inconsistent criteria from the criteria set, then the �̃�𝐵𝑊
value of the BWM does not change.

Theorem 4. The analytical forms of the lower and upper bounds of the
criteria weights are

⎧

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

⎪

⎪

⎪

⎩

�̄�𝐽 =
sup{�̃�𝐽𝑊 }

sup{�̃�𝐽𝑊 } +
∑

𝑗≠𝐽 inf{�̃�𝑗𝑊 }

=
min

{

𝑎𝐽𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

}

min
{

𝑎𝐽𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

}

+
∑

𝑗≠𝐽 max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝑗+𝜉∗

} ,

𝑤𝐽 =
inf{�̃�𝐽𝑊 }

inf{�̃�𝐽𝑊 } +
∑

𝑗≠𝐽 sup{�̃�𝑗𝑊 }

=
max

{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝐽+𝜉∗

}

max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝐽+𝜉∗

}

+
∑

𝑗≠𝐽 min
{

𝑎𝑗𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

} ,

(24)

here the unique optimal 𝜉∗ and �̃�𝐵𝑊 values are determined by Eqs. (20)
nd (21), respectively.

roof. According to Theorem 3, the feasible optimal range for the
odified �̃�𝑗𝑊 is

�̃�𝑗𝑊 ∈
[

max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

,
�̃�𝐵𝑊

𝑎𝐵𝑗 + 𝜉∗

}

,

min

{

𝑎𝑗𝑊 + 𝜉∗,
�̃�𝐵𝑊

max
{

𝑎𝐵𝑗 − 𝜉∗, 1
}

}]

, ∀𝑗.

The optimal modified comparison vectors �̃�𝐵 and �̃�𝑊 construct a
fully consistent comparison system. Therefore, the criteria weights can
be computed based on only modified OW vector �̃�𝑊 as

𝑤𝑂𝑊
𝐽 =

�̃�𝐽𝑊
�̃�𝐽𝑊 +

∑

𝑗≠𝐽 �̃�𝑗𝑊
.

𝑤𝑂𝑊
𝐽 is a monotonically increasing function of �̃�𝐽𝑊 and a monoton-

cally decreasing function of �̃�𝑗𝑊 (𝑗 ≠ 𝐽 ). Because the optimal modified
�̃�𝐵𝑊 value is unique and analytically determined, the optimal mod-
fied �̃�𝑗𝑊 (𝑗 ≠ 𝐵) values are mutually independent. The lower bound
eight 𝑤𝐽 of criteria 𝑐𝐽 can be derived when �̃�𝐽𝑊 reaches its lower
ound inf{�̃�𝐽𝑊 } while the other �̃�𝑗𝑊 (𝑗 ≠ 𝐽 ) reach their upper bounds
up{�̃�𝑗𝑊 }(𝑗 ≠ 𝐽 ) so that

𝐽 =
inf{�̃�𝐽𝑊 }

inf{�̃�𝐽𝑊 } +
∑

𝑗≠𝐽 sup{�̃�𝑗𝑊 }

=
max

{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝐽+𝜉∗

}

max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝐽+𝜉∗

}

+
∑

𝑗≠𝐽 min
{

𝑎𝑗𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

} ,

and the upper bound �̄�𝐽 of the weight of criteria 𝑐𝐽 can be derived
when the value �̃�𝐽𝑊 reaches its upper bound sup{�̃�𝐽𝑊 } while the other
�̃�𝑗𝑊 (𝑗 ≠ 𝐽 ) values reach their lower bounds inf{�̃�𝑗𝑊 }(𝑗 ≠ 𝐽 ) so that

�̄�𝐽 =
sup{�̃�𝐽𝑊 }

∑

9

sup{�̃�𝐽𝑊 } + 𝑗≠𝐽 inf{�̃�𝑗𝑊 }
=
min

{

𝑎𝐽𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

}

min
{

𝑎𝐽𝑊 + 𝜉∗, �̃�𝐵𝑊
max{𝑎𝐵𝑗−𝜉∗ ,1}

}

+
∑

𝑗≠𝐽 max
{

max
{

𝑎𝑗𝑊 − 𝜉∗, 1
}

, �̃�𝐵𝑊
𝑎𝐵𝑗+𝜉∗

} .

□

Based on Eq. (24), we can analytically calculate the interval weights
of the criteria instead of solving the optimization programming models
one by one. Similar to the method in [36], we can use the center of
the intervals to rank the criteria or alternatives. We can also compare
and rank the interval weights based on the preference degree and
preference matrix.

3.3. A secondary objective function for determining the unique optimal
solution

Interval analysis is effective in helping analyze the multiple optimal
solutions in the nonlinear BWM. However, in some cases, DMs prefer
to have a unique solution. Next, we present a secondary objective
function to enhance multi-optimality, which can preserve the solution
characteristics of the nonlinear BWM.

From the previous analytical results, we know that at least three
pairs of evaluation values are analytically fixed (criteria 𝑐𝐽∗

1
, 𝑐𝐽∗

2
, 𝑐𝐵 ,

nd 𝑐𝑊 , which are denoted as 𝐽𝐹 𝑖𝑥). Because the optimal modified
̃𝐵𝑊 value is unique and analytically determined, the optimal modified
air of values for the optimized criteria are mutually independent. In
ine with the min–max strategy of the BWM, we aim to determine the
ptimal modified pairwise values, such that the maximum adjustment
eviations |

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

and |

|

|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

for each criterion 𝑐𝑗 (𝑗 ∉ 𝐽𝐹 𝑖𝑥)
re minimized, where

inmax
{

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

, ||
|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

}

, ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥.

In addition, the maximum adjustment range of each evaluation
alue should satisfy

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

⩽ 𝜉∗, ||
|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

⩽ 𝜉∗, ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥.

After the modification, the modified comparison system is fully
onsistent, where

̃𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥.

Therefore, we can establish the following optimization model for
ach criterion 𝑐𝑗 (𝑗 ∉ 𝐽𝐹 𝑖𝑥)

inmax
{

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

, ||
|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

}

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

⎩

|

|

|

�̃�𝐵𝑗 − 𝑎𝐵𝑗
|

|

|

⩽ 𝜉∗, ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥,
|

|

|

�̃�𝑗𝑊 − 𝑎𝑗𝑊
|

|

|

⩽ 𝜉∗, ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥,

�̃�𝐵𝑗 × �̃�𝑗𝑊 = �̃�𝐵𝑊 , ∀𝑗 ∉ 𝐽𝐹 𝑖𝑥,

�̃�𝐵𝑗 , �̃�𝑗𝑊 ⩾ 1.

(25)

heorem 5. Model (25) can be transformed into the following two
ptimization models, where

(1) If 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊 , model (25) is equivalent to the following
ptimization model

min 𝜂𝑗

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

�̃�𝐵𝑗 − 𝑎𝐵𝑗 = 𝜂𝐵𝑗 ,
�̃�𝑗𝑊 − 𝑎𝑗𝑊 = 𝜂𝑗𝑊 ,
(𝑎𝐵𝑗 + 𝜂𝐵𝑗 ) × (𝑎𝑗𝑊 + 𝜂𝑗𝑊 ) = �̃�𝐵𝑊 ,
0 ⩽ 𝜂𝐵𝑗 ⩽ 𝜂𝑗 ,

(26)
⎩
0 ⩽ 𝜂𝑗𝑊 ⩽ 𝜂𝑗 .
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(2) If 𝑎𝐵𝑗 × 𝑎𝑗𝑊 > �̃�𝐵𝑊 , model (25) is equivalent to the following
optimization model

min 𝜂𝑗

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

⎩

𝑎𝐵𝑗 − �̃�𝐵𝑗 = 𝜂𝐵𝑗 ,
𝑎𝑗𝑊 − �̃�𝑗𝑊 = 𝜂𝑗𝑊 ,
(𝑎𝐵𝑗 − 𝜂𝐵𝑗 ) × (𝑎𝑗𝑊 − 𝜂𝑗𝑊 ) = �̃�𝐵𝑊 ,
0 ⩽ 𝜂𝐵𝑗 ⩽ 𝜂𝑗 ,
0 ⩽ 𝜂𝑗𝑊 ⩽ 𝜂𝑗 .

(27)

roof. To prove that model (26) is equivalent to model (25) when
𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊 , we only need to prove that to make the modified

evaluations consistent, the optimal adjustment strategy for 𝑎𝐵𝑗 and 𝑎𝑗𝑊
is

�̃�𝐵𝑗 = 𝑎𝐵𝑗 + 𝜂𝐵𝑗 , �̃�𝑗𝑊 = 𝑎𝑗𝑊 + 𝜂𝑗𝑊 , 𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩾ 0.

First, if 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊 , then (𝑎𝐵𝑗 − 𝜂𝐵𝑗 ) × (𝑎𝑗𝑊 − 𝜂𝑗𝑊 ) < �̃�𝐵𝑊 , so
the adjustment strategy

�̃�𝐵𝑗 = 𝑎𝐵𝑗 − 𝜂𝐵𝑗 , �̃�𝑗𝑊 = 𝑎𝑗𝑊 − 𝜂𝑗𝑊 , 𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩾ 0

is not feasible for the modification. Then, we assume that the optimal
adjustment strategy for 𝑎𝐵𝑗 and 𝑎𝑗𝑊 is

�̃�𝐵𝑗 = 𝑎𝐵𝑗 − 𝜂𝐵𝑗 , �̃�𝑗𝑊 = 𝑎𝑗𝑊 + 𝜂𝑗𝑊 , 𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩾ 0

or

�̃�𝐵𝑗 = 𝑎𝐵𝑗 + 𝜂𝐵𝑗 , �̃�𝑗𝑊 = 𝑎𝑗𝑊 − 𝜂𝑗𝑊 , 𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩾ 0.

Regarding the above two strategies, we can find a pair of feasible
𝜂′𝐵𝑗 and 𝜂′𝑗𝑊

𝜂′𝐵𝑗 = 𝜂𝐵𝑗 − 𝛥𝐵𝑗 , 𝜂
′
𝑗𝑊 = 𝜂𝑗𝑊 − 𝛥𝑗𝑊 , 𝛥𝐵𝑗 , 𝛥𝑗𝑊 ⩾ 0

such that the modified evaluations remain consistent. However, 𝜂′𝐵𝑗 and
𝜂′𝑗𝑊 satisfy

minmax
{

𝜂′𝐵𝑗 , 𝜂
′
𝑗𝑊

}

⩽ minmax
{

𝜂𝐵𝑗 , 𝜂𝑗𝑊
}

,

which is contrary to the assumption that the modification rule is
the optimal adjustment strategy. Therefore, the optimal adjustment
strategy for 𝑎𝐵𝑗 and 𝑎𝑗𝑊 has the form of Eq. (26) when 𝑎𝐵𝑗×𝑎𝑗𝑊 < �̃�𝐵𝑊 .

In addition, as (𝑎𝐵𝑗 + 𝜉∗) × (𝑎𝑗𝑊 + 𝜉∗) ⩾ �̃�𝐵𝑊 , there must exist
𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩽ 𝜉∗ that make the equality (𝑎𝐵𝑗+𝜂𝐵𝑗 )×(𝑎𝑗𝑊 +𝜂𝑗𝑊 ) = �̃�𝐵𝑊 true,
thus the range of 𝜂𝐵𝑗 and 𝜂𝑗𝑊 is 𝜂𝐵𝑗 , 𝜂𝑗𝑊 ⩾ 0. Consequently, we can
obtain that model (25) is equivalent to model (26) if 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊 .
In the same way, we can prove that model (25) is equivalent to model
(27) if 𝑎𝐵𝑗 × 𝑎𝑗𝑊 > �̃�𝐵𝑊 , and it is omitted here.

After determining two equivalent programming models (26) and
(27) of the optimization model (25), we can analytically solve the two
optimization models (26) and (27), and their optimal solutions are
shown in Theorem 6.

Theorem 6. The optimal objective function value 𝜂∗𝑗 of model (26) or (27)
is one root of the following quadric equation

{

(𝑎𝐵𝑗 − 𝜂𝑗 ) × (𝑎𝑗𝑊 − 𝜂𝑗 ) = �̃�𝐵𝑊 , 𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 > �̃�𝐵𝑊
(𝑎𝐵𝑗 + 𝜂𝑗 ) × (𝑎𝑗𝑊 + 𝜂𝑗 ) = �̃�𝐵𝑊 , 𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊

(28)

and thus

𝜂∗𝑗 =

⎧

⎪

⎪

⎪

⎪

⎨

⎪

⎪

⎪

⎪

𝑎𝐵𝑗 + 𝑎𝑗𝑊 −
√

(𝑎𝐵𝑗 + 𝑎𝑗𝑊 )2 − 4(𝑎𝐵𝑗 × 𝑎𝑗𝑊 − �̃�𝐵𝑊 )

2
,

𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 > �̃�𝐵𝑊

−(𝑎𝐵𝑗 + 𝑎𝑗𝑊 ) +
√

(𝑎𝐵𝑗 + 𝑎𝑗𝑊 )2 − 4(𝑎𝐵𝑗 × 𝑎𝑗𝑊 − �̃�𝐵𝑊 )

2
,

(29)
10

⎩

𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < �̃�𝐵𝑊
Table 1
Comparison vectors for the transportation mode selection.

Criteria 𝐶1 𝐶2 𝐶3

Best criterion: 𝐶3 8 2 1
Worst criterion: 𝐶1 1 5 8

Thus the unique optimal solution for the modified comparison vectors is

⎧

⎪

⎪

⎨

⎪

⎪

⎩

{

�̃�𝐵𝑗 = 𝑎𝐵𝑗 + 𝜂∗𝑗 ,

�̃�𝑗𝑊 = 𝑎𝑗𝑊 + 𝜂∗𝑗 ,
𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 < 𝑎𝐵𝑊

{

�̃�𝐵𝑗 = 𝑎𝐵𝑗 − 𝜂∗𝑗 ,

�̃�𝑗𝑊 = 𝑎𝑗𝑊 − 𝜂∗𝑗 ,
𝑖𝑓 𝑎𝐵𝑗 × 𝑎𝑗𝑊 > 𝑎𝐵𝑊

(30)

Proof. The proof is similar to the proof of Theorem 2, and it is omitted.

4. Example validation

This section provides several numerical examples to validate the
feasibility and effectiveness of the proposed analytical framework for
the BWM. Specifically, some of the data in the evaluation example are
adopted from existing BWM papers. In addition, to verify the correct-
ness of our obtained theoretical results, we make some adjustments
to the data based on actual demand. Finally, we make a comparative
analysis with existing BWM models and discuss it to illustrate the
convenience and benefits of the proposed method.

4.1. Numerical examples

First, considering a not-fully consistent BWM comparison system
with three criteria, we use the analytical formulas in Theorem 2 to
calculate the unique optimal solution.

Example 1. [9] A company aims to transport its products to a market,
and the transportation mode selection problem involves three decision
criteria: 𝐶1–load flexibility, 𝐶2–accessibility, and 𝐶3–cost. The company
identifies cost (𝐶3) and load flexibility (𝐶1) as the best and worst
criteria respectively. Table 1 shows the comparison vectors.

With the data in Table 1, as 2×5 > 8, based on the results Eqs. (16)
nd (19) of Theorem 2, we have

∗ =
2 + 5 + 1 −

√

(2 + 5 + 1)2 − 4(2 × 5 − 8)

2
= 0.2583,

𝑤1 =
1

5 + 8 + 1
= 0.0714, 𝑤2 =

5 − 0.2583
5 + 8 + 1

= 0.3387,

𝑤3 =
8 + 0.2583
5 + 8 + 1

= 0.5899.

Furthermore, we discuss how different 𝑎32 (𝑎𝐵𝑗) and 𝑎21 (𝑎𝑗𝑊 ) val-
ues affect the criteria weights and the 𝜉∗ value. As 𝑎𝐵𝑊 = 8, we select
different values for 𝑎32, 𝑎21 ∈ {1, 2,… , 8}. Based on the analytical forms
(17) and (19) for 𝜉∗ and the optimal criteria weights, we can directly
draw their function images. Fig. 1 shows the relationship between 𝑎32,
𝑎21, and 𝜉∗. As shown in Fig. 1, when 𝑎32×𝑎21 is close to 𝑎𝐵𝑊 = 𝑎31 = 8,
𝜉∗ is close to zero, which provides high consistency; when 𝑎32 × 𝑎21 is
far from 𝑎31 = 8, 𝜉∗ becomes larger, which shows a low consistency.
The maximum 𝜉∗ value is 4.4689 when both 𝑎32 and 𝑎21 are assigned
the maximum value of 8, leading to the most inconsistent situation.

Fig. 2 displays the variation in the weights of the three criteria with
different values for 𝑎32 and 𝑎21. As seen from the simulation of the 3D
projective view, the weight 𝑤1 of the worst criterion 𝑐1 is only affected
by the 𝑎𝑗𝑊 (𝑎21) value (not by the 𝑎𝐵𝑗 (𝑎32) value). Additionally, the
weight 𝑤3 of the best criterion 𝑐3 decreases as the 𝑎𝑗𝑊 (𝑎21) value

increases, while the weight 𝑤2 of criterion 𝑐2 increases as the 𝑎𝑗𝑊 (𝑎21)
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Fig. 1. The variation of 𝜉∗ in a comparison system with three criteria when 𝑎𝐵𝑊 = 8.

Table 2
Comparison vectors for the car purchase.

Criteria 𝐶1 𝐶2 𝐶3 𝐶4 𝐶5

Best criterion: 𝐶2 3 1 4 3 8
Worst criterion: 𝐶5 4 8 4 3 1

value increases. The dynamic results of the optimal criteria weights and
the 𝜉∗ value are consistent with their mathematical functions, Eqs. (17)
and (19).

The above calculation results are the same as the results in [9],
which indicates that the results of Theorem 2 are mathematically
correct and our method is effective. Instead of solving the programming
model one by one with one pair of 𝑎32 and 𝑎21 values to obtain
the results, we directly substitute them into the analytical functions
Eqs. (17) and (19), leading to more general and convenient solutions.

Second, considering that a not-fully consistent BWM comparison
system with more than three criteria might have multiple optimal
solutions, we use the following three Examples 2–4, which correspond
to the three conditions in Propositions 1–3, and then use the analytical
formulas in Theorem 3 to compute their multiple optimal solutions.

Example 2. A buyer wants to buy a car, and he considers the following
five criteria: 𝐶1–quality, 𝐶2–price, 𝐶3–comfort, 𝐶4–safety, and 𝐶5–style.
The buyer identifies price (𝐶2) and style (𝐶5) as the best and worst
criteria, respectively. The buyer provides his comparison vectors, as
shown in Table 2.

First, the inconsistent criteria are 𝐶1, 𝐶3, and 𝐶4, and they are
all upside criteria. Based on Eq. (16), we can compute their separate
optimal 𝜉∗ values such that

𝜉∗1 =
3 + 4 + 1 −

√

(3 + 4 + 1)2 − 4(3 × 4 − 8)

2
= 0.5359,

𝜉∗3 =
4 + 4 + 1 −

√

(4 + 4 + 1)2 − 4(4 × 4 − 8)

2
= 1,

𝜉∗4 =
3 + 3 + 1 −

√

(3 + 3 + 1)2 − 4(3 × 3 − 8)

2
= 0.1459.

Based on Proposition 1, the unique optimal 𝜉∗ is 𝜉∗ = 𝜉∗3 = 1. Then,
the unique optimal modified values �̃�23 and �̃�35 for criterion 𝐶3 and �̃�25
(�̃�𝐵𝑊 ) are

�̃�23 = 𝑎23 − 𝜉∗ = 3, �̃�35 = 𝑎35 − 𝜉∗ = 3, �̃�25 = 𝑎25 + 𝜉∗ = 9.

Using Eq. (22), the ranges of the optimal feasible solutions for �̃�15
and �̃�45 are

�̃�15 ∈
[

max
{

max
{

𝑎15 − 𝜉∗, 1
}

,
�̃�25

}

,

11

𝑎21 + 𝜉∗
Table 3
Comparison vectors for the car purchase.

Criteria 𝐶1 𝐶2 𝐶3 𝐶4 𝐶5

Best criterion: 𝐶2 3 1 2 2 8
Worst criterion: 𝐶5 2 8 2 4 1

min

{

𝑎15 + 𝜉∗,
�̃�25

max
{

𝑎21 − 𝜉∗, 1
}

}]

= [3, 4.5] ,

̃45 ∈
[

max
{

max
{

𝑎45 − 𝜉∗, 1
}

,
�̃�25

𝑎24 + 𝜉∗

}

,

min

{

𝑎45 + 𝜉∗,
�̃�25

max
{

𝑎24 − 𝜉∗, 1
}

}]

= [2.25, 4] .

Therefore, we can obtain the optimal feasible solutions of the mod-
ified OW and BO vectors such that

̃15 ∈ [3, 4.5] , �̃�25 = 9, �̃�35 = 3, �̃�45 ∈ [2.25, 4] , �̃�55 = 1 with �̃�2𝑗 =
�̃�25
�̃�𝑗5

, ∀ 𝑗.

Choosing any two �̃�15 and �̃�45 values in their optimal feasible ranges
and using Eq. (12), we can obtain a group of optimal weights for the
criteria.

Example 3. Suppose the comparison vectors for the car purchase are
as shown in Table 3.

First, the inconsistent criteria are 𝐶1 and 𝐶3, and they are all
downside criteria. Based on Eq. (16), we can compute their separate
optimal 𝜉∗ values such that

𝜉∗1 = −
3 + 2 + 1 −

√

(3 + 2 + 1)2 − 4(3 × 2 − 8)

2
= 0.3166,

𝜉∗3 = −
2 + 2 + 1 −

√

(2 + 2 + 1)2 − 4(2 × 2 − 8)

2
= 0.7016.

Based on Proposition 2, the unique optimal 𝜉∗ of the BWM is 𝜉∗ =
𝜉∗3 = 0.7016; then, the unique optimal modified values �̃�23 and �̃�35 for
criterion 𝐶3 and �̃�25 (�̃�𝐵𝑊 ) are

̃23 = 𝑎23 + 𝜉∗ = 2.7016, �̃�35 = 𝑎35 + 𝜉∗ = 2.7016, �̃�25 = 𝑎25 − 𝜉∗ = 7.2984.

Based on Eq. (22), the ranges of the optimal feasible solutions for
̃15 and �̃�45 are

̃15 ∈
[

max
{

max
{

𝑎15 − 𝜉∗, 1
}

,
�̃�25

𝑎21 + 𝜉∗

}

,

min

{

𝑎15 + 𝜉∗,
�̃�25

max
{

𝑎21 − 𝜉∗, 1
}

}]

= [1.9717, 2.7016] ,

̃45 ∈
[

max
{

max
{

𝑎45 − 𝜉∗, 1
}

,
�̃�25

𝑎24 + 𝜉∗

}

,

min

{

𝑎45 + 𝜉∗,
�̃�25

max
{

𝑎24 − 𝜉∗, 1
}

}]

= [3.2984, 4.7016] .

Therefore, we can obtain the optimal feasible solutions of the mod-
ified OW and BO vectors such that

̃15 ∈ [1.9717, 2.7016] , �̃�25 = 7.2984, �̃�35 = 2.7016,

̃45 ∈ [3.2984, 4.7016] , �̃�55 = 1 with �̃�2𝑗 =
�̃�25
�̃�𝑗5

, ∀ 𝑗.

Choosing any two �̃�15 and �̃�45 values in their optimal feasible ranges
and using Eq. (12), we can obtain a group of optimal weights for the
criteria.

Example 4. Suppose the comparison vectors for the car purchase are
as shown in Table 4.
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Fig. 2. The variation of criteria weights with different values for 𝑎32 and 𝑎21.
𝑎

𝑎

𝑎

Table 4
Comparison vectors for the car purchase.

Criteria 𝐶1 𝐶2 𝐶3 𝐶4 𝐶5

Best criterion: 𝐶2 3 1 2 3 8
Worst criterion: 𝐶5 4 8 2 2 1

First, the inconsistent criteria are 𝐶1, 𝐶3, and 𝐶4, and they include
both upside and downside criteria. Based on Eq. (16), we can compute
their separate optimal 𝜉∗ values such that

𝜉∗1 =
3 + 4 + 1 −

√

(3 + 4 + 1)2 − 4(3 × 4 − 8)

2
= 0.5359,

𝜉∗3 = −
2 + 2 + 1 −

√

(2 + 2 + 1)2 − 4(2 × 2 − 8)

2
= 0.7016,

𝜉∗4 = −
3 + 2 + 1 −

√

(3 + 2 + 1)2 − 4(3 × 2 − 8)

2
= 0.3166.

As (𝑎21−𝜉∗3 )×(𝑎15−𝜉∗3 ) = 2.2984×3.2984 = 7.5810 > 𝑎25−𝜉∗3 = 7.2984,
𝜉∗3 is not the feasible solution for criterion 𝐶1. Based on Proposition 3,
the unique optimal 𝜉∗ of the BWM is

𝜉∗ = 3 × 4 − 2 × 2
3 + 4 + 2 + 2

= 0.7273.

Then, the unique optimal modified �̃�21 and �̃�15 for criterion 𝐶1, �̃�23
and �̃�35 for criterion 𝐶3, and �̃�25 are

�̃�21 = 𝑎21 − 𝜉∗ = 2.2727, �̃�15 = 𝑎15 − 𝜉∗ = 3.2727, �̃�23 = 𝑎23 + 𝜉∗ = 2.7273,

�̃�35 = 𝑎35 + 𝜉∗ = 2.7273, �̃�25 = �̃�21 × �̃�15 = (𝑎21 − 𝜉∗) × (𝑎15 − 𝜉∗) = 7.4380.

Based on Eq. (22), the feasible optimal solution for �̃�45 is

�̃�45 ∈
[

max
{

max
{

𝑎45 − 𝜉∗, 1
}

,
�̃�25

𝑎24 + 𝜉∗

}

,

min

{

𝑎45 + 𝜉∗,
�̃�25

max
{

𝑎24 − 𝜉∗, 1
}

}]

= [1.9956, 2.7273] .

Therefore, we can obtain the optimal feasible solutions of the mod-
ified BO and OW vectors such that

�̃�15 = 3.2727, �̃�25 = 7.4380, �̃�35 = 2.7273, �̃�45 ∈ [1.9956, 2.7273] ,

�̃�55 = 1 with �̃�2𝑗 =
�̃�25
�̃�𝑗5

, ∀ 𝑗.

Finally, we can obtain a group of optimal weights for the criteria.
The calculations of Example 2–4 on three typical inconsistent com-

parison systems correspond to the results of Proposition 1–3 and The-
orem 3. They yield the unique optimal objective function value 𝜉∗,
the unique optimal modified best to worst value �̃� and the feasible
12

𝐵𝑊
Table 5
Comparison vectors for the car purchase.

Criteria 𝐶1 𝐶2 𝐶3 𝐶4 𝐶5

Best criterion: 𝐶2 2 1 4 3 8
Worst criterion: 𝐶5 4 8 2 3 1

optimal modified comparison vectors for the equivalent BWM using the
analytical functions directly. This method takes advantage of the inher-
ent strengths of the analytical solutions to make the whole computation
process more accessible or more convenient.

Third, to calculate the lower and upper bounds of the criteria
weights when multiple optimal solutions exist, we use the analytical
formulas in Theorem 4 to calculate the interval weights for the criteria,
which can then be used to rank the criteria.

Example 5. Consider the data in [36] for the car purchase problem, as
shown in Table 5.

First, the inconsistent criterion is 𝐶4. Based on Eq. (16), we can
compute its optimal 𝜉∗ value such that

𝜉∗4 =
3 + 3 + 1 −

√

(3 + 3 + 1)2 − 4(3 × 3 − 8)

2
= 0.1459.

The unique optimal 𝜉∗ of the BWM is 𝜉∗ = 0.1459, and then the
unique optimal modified values �̃�24 and �̃�45 for criterion 𝐶4 and �̃�25
(�̃�𝐵𝑊 ) are

̃24 = 𝑎24 − 𝜉∗4 = 2.8541, �̃�45 = 𝑎45 − 𝜉∗4 = 2.8541, �̃�25 = 𝑎25 + 𝜉∗4 = 8.1459.

Based on Eq. (22), the feasible optimal solutions for �̃�15 and �̃�35 are

̃15 ∈
[

max
{

max
{

𝑎15 − 𝜉∗, 1
}

,
�̃�25

𝑎21 + 𝜉∗

}

,

min

{

𝑎15 + 𝜉∗,
�̃�25

max
{

𝑎21 − 𝜉∗, 1
}

}]

= [3.8541, 4.1459] ,

̃35 ∈
[

max
{

max
{

𝑎35 − 𝜉∗, 1
}

,
�̃�25

𝑎23 + 𝜉∗

}

,

min

{

𝑎35 + 𝜉∗,
�̃�25

max
{

𝑎23 − 𝜉∗, 1
}

}]

= [1.9648, 2.1136] .

Therefore, we can obtain the lower and upper bounds of the optimal
modified BO and OW vectors. Specifically, the ranges of the optimal
modified OW vector are shown in the first two lines of Table 6.

Finally, based on Eq. (24) and the ranges of the optimal modified
OW vector, we can calculate the lower and upper bounds of the optimal
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Table 6
Ranges of the optimal modified OW vector and the optimal criteria weights.

Optimal solutions Ranges �̃�15(𝑤1) �̃�25(𝑤2) �̃�35(𝑤3) �̃�45(𝑤4) �̃�55(𝑤5)

Optimal modified values Lower bounds 3.8541 8.1459 1.9648 2.8541 1
Upper bounds 4.1459 8.1459 2.1136 2.8541 1

Optimal criteria weights Lower bounds 0.2145 0.4461 0.1085 0.1563 0.0545
Upper bounds 0.2289 0.4571 0.1176 0.1602 0.0561
𝑎
t

𝑎

t

𝑤

E
T
w

6

𝜂

Table 7
BWM comparison vectors for the car purchase.

Criteria 𝐶1 𝐶2 𝐶3 𝐶4 𝐶5

Best criterion: 𝐶2 2 1 4 3 8
Worst criterion: 𝐶5 4 8 4 2 1

weights of the criteria. Taking the weight of criterion 𝐶1, for instance,
the computations are

𝑤1 =
inf{�̃�15}

inf{�̃�15} +
∑

𝑗≠1 sup{�̃�15}

= 3.8541
3.8541 + 8.1459 + 2.1136 + 2.8541 + 1

= 0.2145,

�̄�1 =
sup{�̃�15}

sup{�̃�15} +
∑

𝑗≠1 inf{�̃�𝑗5}

= 4.1459
4.1459 + 8.1459 + 1.9648 + 2.8541 + 1

= 0.2289.

Similarly, we can compute the ranges of the optimal weights of the
other criteria, and the results are summarized in the last two lines of
Table 6.

Example 6. Consider the data in [36] for the car purchase problem, as
shown in Table 7.

First, the inconsistent criteria are 𝐶3 and 𝐶4. Based on Eq. (16), their
optimal 𝜉∗ values are

𝜉∗3 =
4 + 4 + 1 −

√

(4 + 4 + 1)2 − 4(4 × 4 − 8)

2
= 1,

𝜉∗4 = −
3 + 2 + 1 −

√

(3 + 2 + 1)2 − 4(3 × 2 − 8)

2
= 0.3166.

Because (𝑎24 + 𝜉∗3 )× (𝑎45 + 𝜉∗3 ) = 12 > 𝑎25 + 𝜉∗3 = 9, the unique optimal
𝜉∗ of the BWM model is 𝜉∗ = 𝜉∗3 = 1; then, the unique optimal modified
values �̃�23 and �̃�35 for criterion 𝐶3 and �̃�25 (�̃�𝐵𝑊 ) are

�̃�23 = 𝑎23 − 𝜉∗3 = 3, �̃�35 = 𝑎35 − 𝜉∗3 = 3, �̃�25 = 𝑎25 + 𝜉∗3 = 9.

Based on Eq. (22), the feasible optimal solutions for �̃�15 and �̃�45 are

�̃�15 ∈
[

max
{

max
{

𝑎15 − 𝜉∗, 1
}

,
�̃�25

𝑎21 + 𝜉∗

}

,

min

{

𝑎15 + 𝜉∗,
�̃�25

max
{

𝑎21 − 𝜉∗, 1
}

}]

= [3, 5] ,

�̃�45 ∈
[

max
{

max
{

𝑎45 − 𝜉∗, 1
}

,
�̃�25

𝑎24 + 𝜉∗

}

,

min

{

𝑎45 + 𝜉∗,
�̃�25

max
{

𝑎24 − 𝜉∗, 1
}

}]

= [2.25, 3] .

Therefore, the optimal modified OW vector ranges are as shown
in the first two lines of Table 8. Based on Eq. (24) and the ranges of
the optimal modified OW vector, we can calculate the optimal interval
criteria weights, and the results are summarized in the last two lines of
Table 8. Specifically, the computations for criterion 𝐶1 are

𝑤1 =
inf{�̃�15}

inf{�̃�15} +
∑

𝑗≠1 sup{�̃�15}
= 3

3 + 9 + 3 + 3 + 1
= 0.1579,

�̄�1 =
sup{�̃�15}

∑ = 5 = 0.2469.
13

sup{�̃�15} + 𝑗≠1 inf{�̃�𝑗5} 5 + 9 + 3 + 2.25 + 1
Examples 5 and 6 utilize the same data and yield the same results as
in [36]. The derived results confirm the effectiveness and precision of
the method. The interval weights contribute to weighting and ranking
the criteria for the case of multiple optimal solutions.

Finally, to determine a unique optimal solution among the mul-
tiple optimal solutions of Examples 5 and 6, we use the developed
secondary objective function in Section 3.3 and the analytical formulas
in Theorem 6 to obtain the unique optimal criteria weights.

Example 7. We continue with the data in Example 5 for buying a
car. Because there are multiple optimal solutions regarding the criteria
weights, we use the proposed secondary goal function to determine a
unique optimal solution. As there are multiple optimal modified values
of criteria 𝐶1 and 𝐶3, we can construct the following two optimization
models
minmax

{

|

|

�̃�21 − 𝑎21|| , ||�̃�15 − 𝑎15||
}

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

⎩

|

|

�̃�21 − 𝑎21|| ⩽ 𝜉∗,
|

|

�̃�15 − 𝑎15|| ⩽ 𝜉∗,

�̃�21 × �̃�15 = �̃�25,

�̃�21, �̃�15 ⩾ 1,

and

minmax
{

|

|

�̃�23 − 𝑎23|| , ||�̃�35 − 𝑎35||
}

𝑠.𝑡.

⎧

⎪

⎪

⎨

⎪

⎪

⎩

|

|

�̃�23 − 𝑎23|| ⩽ 𝜉∗,
|

|

�̃�35 − 𝑎35|| ⩽ 𝜉∗,

�̃�23 × �̃�35 = �̃�25,

�̃�23, �̃�35 ⩾ 1.

Based on Theorem 5, the above two models are equivalent to the
following two optimization models

min 𝜂1

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

(2 + 𝜂21) × (4 + 𝜂15) = 8.1459,
0 ⩽ 𝜂21 ⩽ 𝜂1,
0 ⩽ 𝜂15 ⩽ 𝜂1,

and

min 𝜂3

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

(4 + 𝜂23) × (2 + 𝜂35) = 8.1459,
0 ⩽ 𝜂23 ⩽ 𝜂3,
0 ⩽ 𝜂35 ⩽ 𝜂3.

According to Theorem 6, as 𝑎21 × 𝑎15 = 𝑎23 × 𝑎25 = 8 < �̃�25 = 8.1459,
the optimal solutions for 𝜂1 and 𝜂3 are

𝜂∗1 = 𝜂∗3 =
−(2 + 4) +

√

(2 + 4)2 − 4(2 × 4 − 8.1459)

2
= 0.0242.

Therefore, 𝜂∗15 = 𝜂∗21 = 𝜂∗35 = 𝜂∗23 = 0.0242, leading to �̃�15 =
15+𝜂∗15 = 4.0242, �̃�21 = 2.0242, �̃�35 = 2.0242, �̃�23 = 4.0242. Consequently,
he unique optimal modified OW vector is

̃15 = 4.0242, �̃�25 = 8.1459, �̃�35 = 2.0242, �̃�45 = 2.8541, �̃�55 = 1.

Using Eq. (12) based on only the modified OW vector, we can derive
he following unique criteria weights.

1 = 0.2230, 𝑤2 = 0.4513, 𝑤3 = 0.1122, 𝑤4 = 0.1581, 𝑤5 = 0.0554.

xample 8. We use the same data as in Example 6 for buying a car.
here are multiple optimal modified values of criteria 𝐶1 and 𝐶4, and
e obtain the following two independent optimization models

min 𝜂1

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

(2 + 𝜂21) × (4 + 𝜂15) = 9,
0 ⩽ 𝜂21 ⩽ 𝜂1,
0 ⩽ 𝜂15 ⩽ 𝜂1,

and

min 𝜂4

𝑠.𝑡.

⎧

⎪

⎨

⎪

⎩

(3 + 𝜂24) × (2 + 𝜂45) = 9,
0 ⩽ 𝜂24 ⩽ 𝜂4,
0 ⩽ 𝜂45 ⩽ 𝜂4.

According to Theorem 6, as 𝑎21 × 𝑎15 = 8 < �̃�25 = 9 and 𝑎24 × 𝑎45 =
< �̃�25 = 9, the optimal solutions for 𝜂1 and 𝜂4 are

∗
1 =

−(2 + 4) +
√

(2 + 4)2 − 4(2 × 4 − 9)

2
= 0.1623,

𝜂∗ =
−(2 + 3) +

√

(2 + 3)2 − 4(2 × 3 − 9)
= 0.5414.
4 2
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t

Table 8
Ranges of the optimal modified OW vector and the optimal criteria weights.

Optimal solutions Ranges �̃�15(𝑤1) �̃�25(𝑤2) �̃�35(𝑤3) �̃�45(𝑤4) �̃�55(𝑤5)

Optimal modified values Lower bounds 3 9 3 2.25 1
Upper bounds 5 9 3 3 1

Optimal criteria weights Lower bounds 0.1579 0.4286 0.1429 0.1111 0.0476
Upper bounds 0.2469 0.4932 0.1644 0.1579 0.0548
Table 9
The comparative analysis among different BWM models.

Methods Optimization Optimal Interval Analytic Solution Preference modification
model solutions weights solutions tools suggestion

Nonlinear BWM [9] NLP Multiple No No Software No
Interval weights and LP Unique Yes No Software No
a linear BWM [36]
Multiplicative BWM [37] LP Multiple Yes No Software No
The proposed method NLP Unique Yes Yes Analytical Yes
Therefore, 𝜂∗15 = 𝜂∗21 = 0.1623 and 𝜂∗24 = 𝜂∗45 = 0.5414, leading
o �̃�15 = 𝑎15 + 𝜂∗15 = 4.1623, �̃�21 = 2.1623, �̃�45 = 2.5414, �̃�24 = 3.5414.

Consequently, the unique optimal modified OW vector is

�̃�15 = 4.1623, �̃�25 = 9, �̃�35 = 3, �̃�45 = 2.5414, �̃�55 = 1.

Using Eq. (12) based on only the modified OW vector, we can derive
the following unique criteria weights.

𝑤1 = 0.2112, 𝑤2 = 0.4568, 𝑤3 = 0.1523, 𝑤4 = 0.1290, 𝑤5 = 0.0508.

The results in Examples 7 and 8 continue the work of Examples 5
and 6, aiming to select a unique solution from the multiple optimal
solutions of the nonlinear BWM. The unique solutions are easy to cal-
culate, and we find that they are very close to the center of the intervals
we derived before, so they yield great convenience and reasonable
criteria weights for the decision-making problem.

4.2. Comparative analysis and discussion with existing BWM models

The nonlinear BWM and linear BWM models in the two pioneering
papers [9,36] connect logically, echo each other, and form a com-
plete BWM framework. The multiplicative BWM [37] uses a modified
objective function with an algebraic approach, making the entire op-
timization problem easy to linearize and able to be solved quickly
and without distortions. It is a solid supplement and extension of the
BWM from a more mathematical perspective. By introducing alterna-
tive linear objective functions and interval analysis, both the methods
in [36,37] can handle the nonlinearity and multi-optimality of the
original BWM. Instead of developing a new metric in the framework
of the BWM, we propose an equivalent BWM, obtain some optimal
analytical solutions of the nonlinear BWM, and finally construct a
secondary objective function to derive a unique optimal solution for
the BWM. Specifically, we compare our method with the existing BWM
models based on some theoretical (see Table 9) and practical aspects
(see Table 10).

Based on Table 9, the following three theoretical points are com-
pared: (1) multiple optimal solutions based on the criteria weights;
(2) interval analysis for multiple optimal solutions; and (3) the unique
optimal solution.

• First, both the initial nonlinear BWM [9] and the multiplicative
BWM [37] have multiple optimal solutions. We might obtain
different results if we use different optimization software to solve
them. Instead of solving them with the help of optimization soft-
ware, using the analytical form for the multiple optimal solutions
is mathematically rigorous and more general, guiding us to de-
termine the optimal feasible criteria weights more conveniently.
As a result, we can arbitrarily select the optimal modified values
within their optimal feasible ranges and then obtain a group of
optimal weights.
14
• Second, regarding the lower and upper bounds of the optimal cri-
teria weights, the methods in [36,37] construct two optimization
models and solve them one by one for all criteria using optimiza-
tion software. However, the weights derived in the multiplicative
BWM [37] are additive weights, and we need to transform them
into multiplicative weights using a normalization process, which
might lead to information distortions. Our results on the interval
weights are the same as those in [36], but our analytical results
are more straightforward, without the need to solve too many
optimization models.

• Third, neither of the methods in [9,37] yields the unique opti-
mal solution to the criteria weights. The linear BWM [36] can
yield a unique solution. However, it might be different from
the nonlinear BWM, and thus, it leads to different feasible re-
gions and results. In contrast, our developed secondary objective
function maintains all the nonlinear BWM characteristics and
offers an analytical form of the unique optimal solution, which
is more mathematically sound while retaining the philosophy of
the nonlinear BWM.

Furthermore, as all the existing BWM models are optimization mod-
els, the computation time when using optimization software to solve
these models is an important indicator for comparing the performance
merits of these methods. To measure the performance of these models
in terms of computation time, we randomly generate 10000 best–
worst pairwise comparison vectors with different numbers of criteria.
The best to worst value 𝑎𝐵𝑊 is drawn independently from the scale
{2, 3, 4, 5, 6, 7, 8, 9}, and the remaining BO values 𝑎𝐵𝑗 (𝑗 ≠ 𝐵,𝑊 ) and
OW values 𝑎𝑗𝑊 (𝑗 ≠ 𝐵,𝑊 ) are drawn independently from the scale
{2,… , 𝑎𝐵𝑊 −1}. To ensure the reliability of the experimental results, we
use the fmincon and linprog functions in MATLAB to solve the nonlin-
ear BWM model and multiplicative/linear BWM models, respectively,
with simulated data to derive the criteria weights. All the tests are
conducted in MATLAB 2020b on a computer with an Intel(R) Core(TM)
i5-8265U CPU @ 1.60 GHz and a memory of 8 GB. Table 10 shows the
simulated computation time (seconds) of different BWM models with
different numbers of criteria.

According to the average computation time of the 10000 simulation
examples shown in Table 10, the proposed analytical framework is the
fastest computational method, almost 300 times faster than the linear
BWM and multiplicative BWM. This is because the derived optimal
analytical solutions are simple arithmetic calculations. The slowest is
the nonlinear BWM, which needs an average of 1 s to solve a nonlinear
optimization model and takes approximately 25 000 times longer than
the proposed method. Although there is a significant difference in
computation time between the fastest and slowest methods, all methods
can yield the optimal solution quickly. However, in the context of
a large-scale MCDM or group decision-making (GDM) problem, the
differences are noticeable.
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Table 10
The computation time (seconds) of different BWM models with different numbers of criteria.

Methods 𝑛 = 5 𝑛 = 7 𝑛 = 9 𝑛 = 11 𝑛 = 13 𝑛 = 15

Nonlinear BWM [9] 0.5533 0.6256 0.8718 0.9430 1.0644 1.1028
Linear BWM [36] 0.0095 0.0092 0.0103 0.0107 0.0106 0.0117
Multiplicative BWM [37] 0.0097 0.0106 0.0112 0.0104 0.0114 0.0130
The proposed method 2.6253E−05 2.8474E−05 3.0250E−05 3.3161E−05 3.4699E−05 3.7256E−05
m

Practically speaking, we discuss the characteristics of our approach
egarding the following three points: (1) practical model interpretabil-
ty; (2) practical preference-modification suggestions; and (3) practical
omputational convenience.

• First, the proposed optimization model of the BWM is driven by
the preference-modification process, and the criteria weights are
calculated based on the optimally modified comparison vectors.
However, the criteria weights in [9,36,37] are based directly
upon the optimization models. From a practical perspective, the
decision results derived from the optimally modified preference
information are more interpretable.

• Second, the proposed equivalent BWM offers practical preference-
modification suggestions to improve the consistency level of the
pairwise comparison systems. However, the models in [9,36,37]
cannot directly embody the preference-modification process. By
using the proposed analytical framework, obtaining the optimal
interval modified comparison vectors or unique optimal modified
comparison vectors, and finally providing DMs with the adjusted
preference information, the results in this paper would be more
flexible and reliable.

• Third, the proposed analytical framework gives several optimal
closed-form solutions, and the analytical solution saves the most
time. Although one can also use optimization software to solve
the optimization models in [9,36,37] quickly for a single DM’s
preference information, it is time-consuming to handle large-scale
group preference information one by one using these methods
in practical applications. In such situations, the advantage of the
proposed analytical results is more prominent.

In summary, the comparison results indicate that the proposed
ethod can be successfully applied to the solutions of the BWM.
ur approach can accurately and comprehensively determine different
ptimal criteria weights for inconsistent BWM comparison systems. The
nalytical results can provide DMs with both multiple flexible optimal
olutions and unique precise optimal solutions, all in the form of
athematical formulas. Hence, the proposed analytical framework for

he BWM offers a solid theoretical foundation and is more convenient
han solving these optimization models using optimization software.

. Conclusions and future studies

The BWM, as a novel MCDM method that has emerged in recent
ears, has been widely and successfully applied in many fields and
as received increasing attention. This study proposes an analytical
ramework for the optimal solutions of the BWM based on an equivalent
WM. Our approach comprehensively determines the analytical forms
f the criteria weights in terms of optimal solutions, optimal interval
eights, and a unique optimal solution. The numerical examples reveal

hat we can directly utilize the analytical solutions to calculate the
elated optimal solutions without the help of optimization software.
ur research makes significant contributions to the theory of the BWM.
irst, introducing an equivalent BWM and a secondary objective func-
ion makes the proposed method complete and effective in addressing
oth multiple and unique optimal solutions involved in the original
WM. Second, the analytical solutions can simplify the solution process
f these programming models while maintaining good performance in
erms of computational accuracy, and they can be easily adapted to

different number of criteria without increasing the computational
15
complexity, so the proposed method is more convenient and practical
than solving these optimization models using optimization software.
Finally, the secondary objective function that determines the unique
solution inherits all the features of the nonlinear BWM, and the unique
solution is also close to the interval center found in the nonlinear BWM.

For future studies, we will consider the following research direc-
tions: First, most existing criteria weighting methods are prone to
several cognitive biases, such as splitting bias, anchoring bias, and
equalizing bias. The BWM was tested as an effective debiasing solution
to reduce the anchoring bias [14] and equalizing bias [15] in MCDM
based on an experimental study. Thus, it will be of theoretical and
practical significance to examine how the BWM helps remedy these
cognitive biases with its analytical solutions. Second, the BWM has been
widely used in current evaluation and MCDM problems, but research
on GDM is still limited. The Bayesian BWM [19] has been introduced
to find the optimal weights of a set of criteria based on the input
preferences of multiple DMs using the best–worst framework. Based on
our derived analytical optimal criteria weights, it is also interesting to
investigate the aggregation of these output optimal criteria weights of
DMs from a probabilistic perspective. Finally, the Bayesian BWM helps
find the aggregated weights of criteria for a group of DMs by using the
Bayesian statistical method. Given the existence of interactive behav-
iors in GDM, it may be unrealistic to assume that all DMs are fluent in
the decision-making problem and can reach an agreement. Hence, it is
necessary to conduct further research on group consensus [49–51] for
the BWM in GDM in the future.

CRediT authorship contribution statement

Qun Wu: Methodology and model design, Conceptualization, For-
al analysis, Writing & editing. Xinwang Liu: Validation, Funding ac-

quisition, Review & editing. Ligang Zhou: Validation, Funding acquisi-
tion, Review & editing, Supervision. Jindong Qin: Validation, Funding
acquisition, Review & editing. Jafar Rezaei: Validation, Methodology,
Conceptualization, Review & editing, Supervision.

Declaration of competing interest

We declare that we have no financial and personal relationships
with other people or organizations that can inappropriately influence
our work, there is no professional or other personal interest of any
nature or kind in any product, service and/or company that could be
construed as influencing the position presented in, or the review of, the
manuscript.

Data availability

No data was used for the research described in the article.

Acknowledgments

The work was supported by National Natural Science Foundation of
China (Nos. 72301003, 72171002, U22A20366, 72071045, 72071151),
Scholarship from China Scholarship Council (202106090193), Top Tal-
ent Academic Foundation for University Discipline of Anhui Province
(No. gxbjZD2020056), Natural Science Foundation for Distinguished
Young Scholars of Anhui Province (1908085J03), and the Natural
Science Foundation of Hubei Province, China (2023CFB712).



Omega 123 (2024) 102974Q. Wu et al.
References

[1] Lei Q, Wu G, Wu Z. Preference rationality analysis for the best-worst method
and its application to quality assessment. Comput Ind Eng 2022;174:108758.

[2] Keeney RL, Raiffa H. Decision Analysis with Multiple Conflicting Objectives. New
York: Wiley & Sons; 1976.

[3] Winterfeldt DV, Edwards W. Decision Analysis and Behavioral Research.
Cambridge University Press; 1986.

[4] Edwards W. How to use multiattribute utility measurement for social
decisionmaking. IEEE Trans Syst Man Cybern 1977;7:326–40.

[5] Mustajoki J, Hämäläinen RP, Salo A. Decision support by interval
SMART/SWING–incorporating imprecision in the SMART and SWING methods.
Decis Sci 2005;36:317–39.

[6] Bottomley PA, Doyle JR. A comparison of three weight elicitation methods: good,
better, and best. Omega 2001;29:553–60.

[7] Saaty TL. A scaling method for priorities in hierarchical structures. J Math Psych
1977;15:234–81.

[8] Wieckowski J, Kizielewicz B, Shekhovtsov A, Sałabun W. RANCOM: A novel
approach to identifying criteria relevance based on inaccuracy expert judgments.
Eng Appl Artif Intell 2023;122:106114.

[9] Rezaei J. Best-worst multi-criteria decision-making method. Omega 2015;53:49–
57.

[10] Hasan M, Büyüktahtakın İE, Elamin E. A multi-criteria ranking algorithm (MCRA)
for determining breast cancer therapy. Omega 2019;82:83–101.

[11] Amenta P, Lucadamo A, Marcarelli G. On the choice of weights for aggregating
judgments in non-negotiable AHP group decision making. European J Oper Res
2021;288:294–301.

[12] Aguarón J, Escobar MT, Moreno-Jiménez JM. Reducing inconsistency measured
by the geometric consistency index in the analytic hierarchy process. European
J Oper Res 2021;288:576–83.

[13] Rezaei J. A concentration ratio for nonlinear best worst method. Int J Inf Technol
Decis Mak 2020;19:891–907.

[14] Rezaei J, Arab A, Mehregan M. Analyzing anchoring bias in attribute weight
elicitation of SMART, Swing, and best-worst method. Int. Trans. Oper. Res.
2022a;1–31. http://dx.doi.org/10.1111/itor.13171.

[15] Rezaei J, Arab A, Mehregan M. Equalizing bias in eliciting attribute weights
in multiattribute decision-making: experimental research. J Behav Decis Mak
2022b;35:e2262.

[16] Liang F, Brunelli M, Rezaei J. Best-worst Tradeoff method. Inf Sci
2022;610:957–76.

[17] Brunelli M. Why should not a decision analyst be content with only (𝑛 −
1) pairwise comparisons? Echoes from the literature. In: The International
Workshop on Best-Worst Method. Springer; 2022, p. 33–40.

[18] Mi X, Tang M, Liao H, Shen W, Lev B. The state-of-the-art survey on integrations
and applications of the best worst method in decision making: Why, what, what
for and what’s next? Omega 2019;87:205–25.

[19] Mohammadi M, Rezaei J. Bayesian best-worst method: A probabilistic group
decision making model. Omega 2020;96:102075.

[20] Liang F, Brunelli M, Rezaei J. Consistency issues in the best worst method:
Measurements and thresholds. Omega 2020;96:102175.

[21] Govindan K, Shankar KM, Kannan D. Achieving sustainable development goals
through identifying and analyzing barriers to industrial sharing economy: A
framework development. Int J Prod Econ 2020;227:107575.

[22] Kusi-Sarpong S, Orji IJ, Gupta H, Kunc M. Risks associated with the im-
plementation of big data analytics in sustainable supply chains. Omega
2021;105:102502.

[23] van de Kaa G, Janssen M, Rezaei J. Standards battles for business-to-government
data exchange: Identifying success factors for standard dominance using the Best
Worst method. Technol Forecast Soc Change 2018;137:182–9.

[24] Kheybari S, Rezaie FM, Rezaei J. Measuring the importance of decision-making
criteria in biofuel production technology selection. IEEE Trans Eng Manage
2021;68:483–97.

[25] Gupta H, Kusi-Sarpong S, Rezaei J. Barriers and overcoming strategies to supply
chain sustainability innovation. Resour Conserv Recy 2020;161:104819.

[26] Yadav G, Mangla SK, Luthra S, Jakhar S. Hybrid BWM-ELECTRE-based decision
framework for effective offshore outsourcing adoption: A case study. Int J Prod
Res 2018;56:6259–78.
16
[27] Kumar A, Mangla SK, Kumar P, Song M. Mitigate risks in perishable food supply
chains: Learning from COVID-19. Technol Forecast Soc Change 2021;166:120643.

[28] Huang B, Zhang L, Ma L, Bai W, Ren J. Multi-criteria decision analysis of China’s
energy security from 2008 to 2017 based on Fuzzy BWM-DEA-AR model and
Malmquist Productivity Index. Energy 2021;228:120481.

[29] Ren J, Liang H, Chan FT. Urban sewage sludge, sustainability, and transition
for Eco-City: Multi-criteria sustainability assessment of technologies based on
best-worst method. Technol Forecast Soc Change 2017;116:29–39.

[30] Bai C, Kusi-Sarpong S, Badri Ahmadi H, Sarkis J. Social sustainable supplier
evaluation and selection: a group decision-support approach. Int J Prod Res
2019;57:7046–67.

[31] Kheybari S, Javdanmehr M, Rezaie FM, Rezaei J. Corn cultivation location
selection for bioethanol production: An application of BWM and extended
PROMETHEE II. Energy 2021;228:120593.

[32] Celik E, Gul M. Hazard identification, risk assessment and control for dam
construction safety using an integrated BWM and MARCOS approach under
interval type-2 fuzzy sets environment. Autom Constr 2021;127:103699.

[33] Moktadir MA, Kumar A, Ali SM, Paul SK, Sultana R, Rezaei J. Critical success
factors for a circular economy: Implications for business strategy and the
environment. Bus. Strategy Environ. 2020;29:3611–35.

[34] Gupta H, Kumar A, Wasan P. Industry 4.0, cleaner production and circular econ-
omy: An integrative framework for evaluating ethical and sustainable business
performance of manufacturing organizations. J Clean Prod 2021;295:126253.

[35] Nie R, Tian Z, Kwai Sang C, Wang J. Implementing healthcare service quality
enhancement using a cloud-support QFD model integrated with TODIM method
and linguistic distribution assessments. J Oper Res Soc 2022;73:207–29.

[36] Rezaei J. Best-worst multi-criteria decision-making method: Some properties and
a linear model. Omega 2016;64:126–30.

[37] Brunelli M, Rezaei J. A multiplicative best–worst method for multi-criteria
decision making. Oper Res Lett 2019;47:12–5.

[38] Liang Y, Ju Y, Tu Y, Rezaei J. Nonadditive best-worst method: Incorporating
criteria interaction using the Choquet integral. J Oper Res Soc 2022;1–12.
http://dx.doi.org/10.1080/01605682.2022.2096504.

[39] Wu Q, Zhou L, Chen Y, Chen H. An integrated approach to green supplier
selection based on the interval type-2 fuzzy best-worst and extended VIKOR
methods. Inform Sci 2019;502:394–417.

[40] Liao H, Mi X, Yu Q, Luo L. Hospital performance evaluation by a hesitant
fuzzy linguistic best worst method with inconsistency repairing. J Clean Prod
2019;232:657–71.

[41] Dong J, Wan S, Chen S-M. Fuzzy best-worst method based on triangular fuzzy
numbers for multi-criteria decision-making. Inform Sci 2021;547:1080–104.

[42] Ren J. Selection of sustainable prime mover for combined cooling, heat, and
power technologies under uncertainties: An interval multicriteria decision-making
approach. Int J Energy Res 2018;42:2655–69.

[43] Hafezalkotob A, Hafezalkotob A, Liao H, Herrera F. Interval MULTIMOORA
method integrating interval Borda rule and interval best–worst-method-based
weighting model: Case study on hybrid vehicle engine selection. IEEE Trans
Cybern 2019;50:1157–69.

[44] Wan S, Dong J, Chen S-M. Fuzzy best-worst method based on generalized
interval-valued trapezoidal fuzzy numbers for multi-criteria decision-making.
Inform Sci 2021;573:493–518.

[45] Govindan K, Nasr AK, Karimi F, Mina H. Circular economy adoption barriers:
An extended fuzzy best–worst method using fuzzy DEMATEL and Supermatrix
structure. Bus Strategy Environ 2022;31:1566–86.

[46] Wan S, Dong J. A novel extension of best-worst method with intuitionistic fuzzy
reference comparisons. IEEE Trans Fuzzy Syst 2022;30:1698–711.

[47] Tu J, Wu Z, Pedrycz W. Priority ranking for the best-worst method. Inform Sci
2023;635:42–55.

[48] Rezaei J. The balancing role of best and worst in best-worst method. In: Advances
in Best-Worst Method: Proceedings of the Second International Workshop on
Best-Worst Method. BWM2021, Springer Nature; 2022, p. 1–15.

[49] Ji Y, Li H, Zhang H. Risk–averse two–stage stochastic minimum cost consensus
models with asymmetric adjustment cost. Group Decis Negot 2022;31:261–91.

[50] Qin J, Ma X, Liang Y. Building a consensus for the best-worst method in group
decision-making with an optimal allocation of information granularity. Inform
Sci 2023;619:630–53.

[51] Qu S, Wei J, Wang Q, Li Y, Jin X, Chaib L. Robust minimum cost consensus
models with various individual preference scenarios under unit adjustment cost
uncertainty. Inf Fusion 2023;89:510–26.

http://refhub.elsevier.com/S0305-0483(23)00138-X/sb1
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb1
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb1
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb2
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb2
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb2
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb3
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb3
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb3
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb4
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb4
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb4
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb5
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb5
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb5
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb5
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb5
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb6
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb6
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb6
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb7
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb7
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb7
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb8
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb8
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb8
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb8
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb8
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb9
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb9
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb9
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb10
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb10
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb10
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb11
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb11
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb11
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb11
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb11
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb12
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb12
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb12
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb12
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb12
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb13
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb13
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb13
http://dx.doi.org/10.1111/itor.13171
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb15
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb15
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb15
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb15
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb15
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb16
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb16
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb16
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb17
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb17
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb17
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb17
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb17
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb18
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb18
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb18
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb18
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb18
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb19
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb19
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb19
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb20
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb20
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb20
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb21
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb21
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb21
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb21
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb21
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb22
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb22
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb22
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb22
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb22
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb23
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb23
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb23
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb23
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb23
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb24
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb24
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb24
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb24
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb24
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb25
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb25
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb25
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb26
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb26
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb26
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb26
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb26
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb27
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb27
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb27
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb28
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb28
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb28
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb28
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb28
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb29
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb29
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb29
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb29
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb29
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb30
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb30
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb30
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb30
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb30
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb31
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb31
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb31
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb31
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb31
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb32
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb32
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb32
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb32
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb32
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb33
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb33
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb33
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb33
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb33
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb34
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb34
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb34
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb34
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb34
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb35
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb35
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb35
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb35
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb35
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb36
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb36
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb36
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb37
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb37
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb37
http://dx.doi.org/10.1080/01605682.2022.2096504
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb39
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb39
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb39
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb39
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb39
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb40
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb40
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb40
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb40
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb40
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb41
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb41
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb41
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb42
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb42
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb42
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb42
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb42
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb43
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb44
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb44
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb44
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb44
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb44
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb45
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb45
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb45
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb45
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb45
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb46
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb46
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb46
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb47
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb47
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb47
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb48
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb48
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb48
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb48
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb48
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb49
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb49
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb49
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb50
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb50
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb50
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb50
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb50
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb51
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb51
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb51
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb51
http://refhub.elsevier.com/S0305-0483(23)00138-X/sb51

	An analytical framework for the best–worst method
	Introduction
	Best–worst method
	Nonlinear best–worst method
	Interval analysis of the BWM
	A linear model of the BWM

	An analytical framework for the best–worst method
	The equivalent BWM
	Analytical solutions of the equivalent BWM
	A secondary objective function for determining the unique optimal solution

	Example validation
	Numerical examples
	Comparative analysis and discussion with existing BWM models

	Conclusions and future studies
	CRediT authorship contribution statement
	Declaration of competing interest
	Data availability
	Acknowledgments
	References


